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Abstract

Mobility as a Service (MaaS) refers to the concept of integrating new mobility services
electronically, thereby enabling users to access various public and private transport services via
a single digital platform. Through MaaS, service providers aim at developing an integrated
service that caters to various demands by mobility users. Personal data such as travel behavior
is key in this context, because it allows the development, customization, and personalization of
mobility services. Hence, for MaaS to become successful, service providers need to collect
users' personal information, and users need to accept data collection. In turn, privacy concerns
represent a potential hurdle for the success of MaaS. Therefore, understanding privacy concerns
from the users' side can help Maa$S providers to increase the users' willingness to share their
information. This study aims to add on to earlier research findings on privacy concerns by
shedding light on new dimensions emerging from the MaaS service. Understanding privacy
concerns from the users' side is key in that regard, as it may enable improved service and
system development. A sequential mixed-methods approach is used to collect, analyze, and
"mix" both quantitative and qualitative research methods. The primary findings are as follows:
(1) Privacy concerns specific to the mobility data collection context exist; (2) users are not
necessarily personally worried about their privacy even though they claim privacy is an issue; (3)
in contrast to traditional privacy thinking, users' trust in mobility service providers may override
their privacy concerns. The study's results indicate trust is the key to Maa$S adoption. Policy

recommendations are explored in the end.

Keywords: Mobility as a service, Smart mobility, Privacy concern, Mobility Information,

Technology acceptance, Trust
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List of Glossary

Mobility as a Service :

Mobility as a Service (abbreviation: MaaS) is a concept that refers to carrying out an individual's
mobility needs by combining different transport services. It offers users a range of simple
mobile applications to access a wide choice of transport. Therefore, MaaS$ is considered a smart
mobility solution since it offers an alternative to owning and using a private car. This mobility

model will benefit users and smart cities significantly if implemented correctly.
Smart mobility:

Smart mobility refers to including modern technologies ( e.g., ICT, loT, see explanation under )
into mobility networks. These technologies enable new modes of services like MaaS.
Furthermore, smart mobility represents a sustainable solution because its main objective is to
change the way people get around instead of private car ownership. Thereby, concerns around

pollution and traffic congestion have made this idea gain attention in recent years.
Smart city

In the field of transport policy, the smart city refers to a digital transformation of traffic
management. Integrating advanced communication technologies, data collection, automation,
and high-speed networks makes it promising to change how cities approach mobility while
reducing congestion on city streets. This current study is a case study of a MaaS-pilot in a smart

city-Stavanger, Norway.
Internet of thing (loT)

Internet of things (abbreviation: 10T) is a term over which many disciplines claim some
intellectual ownership. It refers to the network where many computing devices are
interconnected, enabling them to send and receive data. For example, the mobility system
gathers data and information from devices embedded in everyday objects. 10T can transform

urban mobility by altering how mobility systems gather data and information.



Internet communication technology (ICT)

Information and communication technologies (abbreviation: ICTs) have considerable
importance for Mobility as a service, as they are the key to providing users access to travel
information, such as travel planning tools, opportunities to share transport modes, compare

costs, make payments, and to communicate travel patterns.
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Chapter 1. Introduction

This chapter presents the research background on Mobility as a Service (MaaS) and privacy
concerns. First, it introduces the concept of Maas, followed by the research problem, aims, and
objectives. Finally, this chapter concludes with the delimitations and limitations of this study and

a description of the thesis structure.

1.1. Background

Maas integrates different forms of mobility, such as public transport, buses, ferries, and shared
cars. Via a digital platform or interface, it enables users to plan, book, and pay for multiple types
of mobility needs (Goran, 2020; Merus et al.,, 2020; Lyons et al., 2019). Ideally, to offer
users-centric mobility services, MaaS allows for personalization and customization (Alyavina et
al., 2020; Utriainen and Pollanen, 2018; Jittrapirom et al., 2017). However, despite numerous
potential benefits and advantages, progress from Maas pilots to large-scale implementation has
been relatively slow (Karlsson et al., 2020). Data-related issues are a key barrier to the adoption
of new technologies (Rohunen and Markkula, 2019). In particular, users’ technology acceptance
largely determines the development of MaaS (Jittrapirom et al., 2017). To develop smart
mobility systems that are responsive to end-user expectations, the underlying technologies and
data platforms must be acceptable to users. In light of this requirement, information privacy is
an area of particular relevance and interest to both end-users and service providers (Jittrapirom

et al., 2018).

Information privacy has attracted attention in the domain of socio-technological research.
However, there are gaps in the literature concerning information privacy, particularly in mobility.
While existing information privacy research is extensive and covers various services that require
personal data collection, studies conducted in the context of data-based mobility services are
scarce (Rohunen and Markkula, 2019). The literature on privacy concerns has traditionally

focused on e-commerce and social networking services (e.g., Nemec Zlatolas et al., 2022). This
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area of privacy research mainly focuses on the perceived risk related to the disclosure of
personal information while using websites or during transactions. The importance of privacy
considerations in the Maa$S context has been raised by scholars such as Jittrapirom et al. (2018).
They identified privacy as a potential constraint to meeting MaaS objectives, but privacy

concerns raised by end-users have not been addressed.

As Matemba and Li (2018) have argued, the adoption and use of services that require personal
data disclosure depend on users' willingness to share data. Similarly, whether a Maa$S system
can become effective depends on users' willingness to disclose personal data (Rohunen and
Markkula, 2019). While MaaS has the potential to develop mobility services to meet users'
expectations, such development relies on users' personal information. However, users are not
always willing to share their information with others; if that is the case, Maa$ service providers
may have difficulties developing optimized mobility systems. For example, regarding voluntary
data disclosure related to data-based mobility services, privacy concerns can lead users to
refuse to disclose information or to impose limitations on data collection (e.g., turning off data
collection), resulting in non-adoption of MaaS$ solutions. Similarly, the perceived risk of private
information being shared may cause users to provide false information or omit specific data,
thus decreasing the quality of the data (e.g., Horne et al., 2007; Metzger, 2007; Son and Kim,
2008).

1.2. Problem formulation

As mentioned above, gaps in knowledge have been identified in the form of the lack of
empirical research on privacy concerns in the Maa$S context. However, privacy issues should not
be ignored in MaaS development. Notably, users' personal data are essential for developing
personalized and customized mobility services. Therefore, it is important to understand how the

implications of privacy concerns can affect the development of MaaS.

The use of Maas In emerging services has received increasing attention as a sustainable solution
for urban transport. Some studies mentioned that privacy concerns are an issue in Maa$S

development, but there is little effort in studying this. This gap provides a starting point for new
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research opportunities, as privacy concerns have many dimensions, and it remains unclear how
they relate to MaaS. On the one hand, recent studies have demonstrated that privacy concerns
are context-specific (Donath, 2020; Padyab and Stahlbrost, 2018; Kayhan and Davis, 2016; Li,
2011). On the other hand, existing studies have shown that in many cases, other factors also
influence users' acceptance of services, for example, trust. However, the impact of different
factors on users' acceptance of services can vary from case to case. Since many services require
users' data, privacy concerns should receive more attention. Therefore, studying users' privacy

concerns in the case of Maa$S can expand the current understanding of this topic.

1.3. Objective

The purpose of this thesis is not to prove that MaaS is the only beneficial way to help urban
mobility to become smart. However, due to the emerging interest in the concept, it is important
to understand the impact of the technology used in MaaS concerning the future endeavors of

MaaS development.
In response to the previously mentioned gap in the literature, the objective of the proposed

thesis is to explore privacy concerns around Maa$S and their impact on users' intention to use it.

1.4. Research questions

Against this background, the aim of this study is to explore the impact of privacy concerns on
users’ adoption of MaaS. It begins by exploring which dimensions of Maa$ could be related to

privacy concerns. Thereafter, the arguments in support of MaaS adoption are made.
Two research questions guide the design of this study:

RQ1. What are the dimensions of Maa$ users' privacy concerns?

RQ2. What explains users' intention to use MaaS?

Two sub-questions are presented to answer the main research question. The first sub-question

asks whether privacy concerns are related to MaaS per se:
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RQ 1.1. Is there a difference between mobility service users' privacy concerns depending
on the service's spatial context and the ownership of the device used to access the

service?

The second sub-question is concerned with the underlying factors that support or reduce user’s

intention to use Maas:

RQ 2.1. Which factors have implications on a user's intention to use Maas services?

1.5. Limitation and delimitations

With the objective of this study in mind, certain limitations and delimitations are defined.

First, the study focuses on one case, namely a Maas pilot in a city, which can be considered both
a delimitation and a limitation. The limitation of a case study is its generalizability; however, this
is an explorative study, and the intention is not to make generalizations. The case here should
be capable of offering useful information. Further, because this is an independent work
conducted with limited resources, it was important to focus only on one case. Finally, because
this study had no funding and was affected by the COVID-19 pandemic, the possibilities for

interviews or other extensive investments in the data collection phase were limited.

These limitations imply that the results are confined to the specific context of the study, but the
focus on this work allows for an in-depth understanding of the issue in that context. On the one
hand, since the pilot case was one of the first initiatives to adopt the MaaS concept in the city of
Stavanger, it can be regarded as a unique case. On the other hand, the MaaS concept is still
relatively novel in this region, and there were no other known MaaS pilot projects in this region

when this study was conducted.

Since this study focuses solely on the initial understanding of the impact of users' privacy
concerns on their intention to use Maas, it is not possible to spell out and study all the possible
factors that could impact the user's intention. Therefore, many other indirectly relevant factors

are omitted from the study.
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Further, this study does not aim to generalize the results, which is its main limitation. Hence, it
will not be possible to confirm some of the results without conducting a large-scale survey. The
selection of participants is also a limitation. As only participants considered capable of
completing the survey were recruited, the survey data were collected from a specific group; this

also affected the size of the data collected.

1.6. Outline

This thesis is designed in accordance with the suggestions from the “Guidelines for Master
Theses in Energy, Environment and Society 2022.” The present work is divided into six chapters,
all of which are both essential and distinct. Essentially, these chapters provide a clear structure,
which makes it easier for the reader to follow and understand the research presented in this

thesis.

Chapter 1 introduces the research problem and presents some background information on the
relevance of the topic in the specific context. Then, based on this backdrop and problem
formulation, the study's objective is presented alongside the research questions, which help to
achieve the objective. Finally, this chapter ends with a discussion of delimitations and

limitations, which explain the scope of this study.

Chapter 2 is the literature review. It begins with the literature on Maas, followed by the existing
literature on privacy concerns related to Maas; this review is intended to familiarize readers
with the topic. Further, relevant models and constructs that are often used for studying privacy

concerns are discussed.

Chapter 3 presents the research design. It describes the methods, and methodology to gather
primary data. Since there was no instrument available for such proposes, the development of
the instrument used for data collection is described. Further, the approach of this study, which

involved different evaluations of the collected data sets, is discussed.
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Chapter 4 reports the results and analysis of the case study. This chapter intends to both

achieve the research objective and answer the research questions.
Chapter 5 discusses the extent to which this study contributes to scientific knowledge.

Chapter 6 concludes and notes this study’s implications. Additionally, suggestions for future

research are made.
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Chapter 2. Literature review

MaaS-related research involves multiple aspects. This chapter begins with the main research
areas regarding Maa$S. Further, privacy research related to MaaS is presented, namely (a)
privacy concerns related to Maas, (b) information privacy concerns related to personal data
disclosure in Maas$, and (c) relevant models for studying privacy concerns in users’ acceptance of

services. The relevant literature for each of these three areas is presented.

2.1. Research on MaaS$s

Research on MaaS$ solutions started around 2016, and the relevant literature has subsequently
grown continuously (Esztergar-Kiss et al., 2020, p.4). This literature has covered various subjects,
including definitions and concepts such as MaaS ecosystem construction (Kamargianni et al,
2017; Datson, 2016) and MaaS benefit evaluation (Kamargianni et al., 2016; Zhao et al., 2021).
To explore the possibilities of MaaS development, some studies have covered subjects such as
business model exploration (Callegati et al., 2016) and function design (Sochor et al., 2016;
Arnaoutaki et al., 2019). Further, other studies have focused on barriers to Maa$S development,
such as data sharing and security (Cottrill, 2020; Chondrogiannis et al., 2016) and MaaS impact
assessment (Li and Voege, 2017). Among these topics, barriers to MaaS implementation are
among the most discussed. The barriers that have been identified include i) legislation and
regulatory frameworks (Konig et al., 2016), ii) taxation (Karlsson, 2020), iii) a lack of appropriate
business models (Li and Voege, 2017), iv) uncertainties regarding market potential (Karlsson,
2020; Kamargianni et al., 2017), and v) a lack of sources of fundings and investors (Konig et al.,
2016). Zhao et al. (2020) have provided a helpful review of the critical barriers to Maa$S
development and implementation. However, these studies were predominantly based on the

perspectives of experts and stakeholders.

A few studies have focused on users and considered users’ perspectives on the technical

features and other relevant functionalities of Maa$S applications. For example, Arnaoutaki et al.
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(2019) have discussed designing and offering suggestions for an optimal MaaS plan that
matches users’ personal needs. However, the study by Arnaoutaki et al. was focused only on
designing a number of mobility services under one or more service packages and did not
include the user experience. Schikofsky et al. (2020) have focused on motivation in Maa$S
adoption, for example in relation to efficiency and performance, ease of use, choices based on
preferences, feelings of control, and anticipated enjoyment. However, they overlooked the
technical features of MaaS applications. A lack of research on users’ perspectives on MaaS can
thus be identified in the literature. However, this subject is of great importance to the

implementation of MaasS solutions.

Existing research has enriched the academic understanding of how MaaS can develop and
change urban mobility. However, research on the willingness of users to accept Maa$ has been
insufficient. The ultimate goal of MaaS is to meet the needs and expectations of users, and all
other elements (such as technology, policy, business model, and land use) are merely enabling
factors. Existing research has focused mainly on the possibilities for MaaS’ development;
however, it has ignored the fact that user data (e.g., mobility information [MI], regarding which
user may have privacy concerns) serve as the design material for MaaS products and systems.
Therefore, the current study attempts to fill this gap by exploring the factors that explain users'
intention to use MaaSs, with the results being used to provide suggestions for the promotion of

MaaSs in the future.

The following subsections explore existing literature focused on users’ perspectives and privacy

concerns relevant to Maa$S and technical features.

2.2. Privacy concerns related to MaaS

The existing literature has studied the impact of privacy concerns on users’ acceptance of
various services, such as e-commerce, smart homes, and e-health. However, little attention has
been devoted to MaaS. In considering ways by which to fill this knowledge gap, the author

noted that privacy concerns could be related to the spatial context of different types of Maa$S
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applications and the ownership of the device used to access the services; these topics are

discussed in the following section.

2.2.1. Privacy concerns related to the spatial context of MaaS applications

Various authors (e.g., Donath, 2020: Clark and Greenleaf,2017) have identified the spatial
dimension as being relevant to privacy concerns. Donath (2020) noted that privacy is contextual
and differs from place to place. For example, one may feel more secure making a phone call in a
private space than in a shared space. When it comes to mobility services, when one travels in a
car, they move in a "private space" that separates themselves from the public space; in contrast,
those who use public transport travel without separating themselves from the public space.
According to Finn and Wright (2010), privacy can also be regarded as including the rights to be
alone in a personal space (i.e., a car) and to move freely in a public space without being tracked.
From this perspective, individuals' privacy concerns refer to whether they can avoid interactions
with the public while traveling from point A to B. Alternatively, privacy concerns refer to
traveling from point A to point B without being identified, monitored, or tracked. Now that
private space is connected to public space by technology (e.g., the Internet of Things), car users
can remove themselves from public observation while on the road. The private space they enjoy
in the vehicle distinguishes them from bus users, who move among the public. Therefore,

privacy concerns related to space may lead users to choose different mobility services.

2.2.2. Privacy concerns related to the ownership of the device used to access Maa$S
applications
The ownership of the device used to access mobility services is also relevant to privacy
concerns. For example, Derek (2017) has identified different attitudes towards tracking related
to whether one owns the car being tracked. He found empirical evidence showing that car
owners are less willing to be tracked than shared car users. Further, Acheampong (2020) found
that car ownership is related to privacy concerns, which affect one's choice when a number of

different mobility services are available.
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2.3. Information privacy concerns related to Maa$

MaaS$ provides users with all the necessary services for their trips, such as trip planning,
booking, ticketing, and payment features and real-time information, through a single digital
platform, meaning that users do not have to rely on multiple ticketing and payment operations
(Merus et al., 2020). To utilize the full potential of MasS, a user needs to share a significant
amount of personal information. Providing efficient Maa$S requires the combined time- and
location-specific travel behavior data of individual users. In some cases (e.g., car sharing),
service providers may require more targeted information (such as preferred travel modes and
habits, access to a vehicle, and the presence or absence of a driving license), which contributes
to developing personalized and customized mobility services. At the same time, a user’s ability
to schedule payments through the service will also necessitate that the user share their
financial information, adding another layer of data to the profile. These examples entail the

creation of a detailed individual profile for these mobility services.

Further, Maa$S platforms include various mobility services where users can access multiple
services. This service development means that actors in the mobility domain increasingly
combine data sets to increase service provision (Zhao et al., 2015; Cottrill and Derrible, 2015;
Colak et al., 2015). That those providers need specific user profile information to offer the

customized mobility service also raises questions concerning user data and privacy concerns.
2.3.1. Perceived risk of secondary use of information

Perceive risk is among the privacy concerns associated with the Maa$S providers collecting users'
personal information. Perceived risk refers to the degree to which individuals believe that if they
disclose their personal information, they will suffer losses due to losing control over that
information (Nemati and Van Dyke, 2009). For example, the secondary use of the information
refers to a situation where "the information collected from individuals for one purpose is used
for another" (Smith et al., 1996, p.171). As noted by Solove (2006, p.520), “[t]he potential for
secondary use generates fear and uncertainty over how one's information will be used in the

future, creating a sense of powerlessness and vulnerability.”
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In addition, perceived risk may be associated with users having less control over how others
may use their personal information or for what purposes. Empirical cases have revealed public
suspicions regarding the secondary use of information, which has resulted in users abandoning
services (see Van Gaal, 2014; Dominiczak, 2015). Given that Maa$S providers need to use users'
information to develop their mobility services, the perceived risk of the secondary use of Maa$

users' personal information is assumed to be relevant to privacy concerns in this context.
2.3.2. Perceived risk of mobility information

Ml is a specific type of information that can reveal one's location or mobility history, which is
highly relevant to privacy concerns. Mobility data include a wide range of information, such as
one’s travel route, time, transportation tools, and travel behavior (De Mattos et al., 2022).
Developing businesses are increasingly collecting such a variety of data, which can even be
made publicly available as open data (Rohunen and Markkula, 2019). However, the increasing
availability of such data increases the possibilities in terms of identifying a particular individual
based on this data, which creates privacy concerns in the current MaaS context (Paiva et al.,
2020). For example, cars' tracking data, such as that concerning speed and fuel consumption,

can serve as a rich source of information.

Personal mobility data of this type would be helpful for future MaaS concepts that aim to
optimize travel time or costs by combining different transportation modes (e.g., Kolumbus
travel planner). The current trend with regard to user mobility data collection in MaaS is
through a mandatory application that can be complemented with voluntarily disclosed data.
Users explicitly consent to have their data used; the voluntarily disclosed data can be used to
produce additional services. However, given that one cannot access MaaS if they do not agree
to provide mobility data, this is merely a passive form of voluntary data disclosure. In addition,
there is uncertainty about the possible use of users' mobility data. Therefore, the perceived risk

of sharing mobility data is also assumed to be relevant to privacy concerns.
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2.4. Relevant models in Maa$S adoption

2.4.1. Technology acceptance model

To understand why people accept or reject new services due to privacy concerns, different
methods have been proposed (e.g., Alberto Castafieda et al., 2007; Dinev and Hart, 2004;
Malhotra et al., 2004; Stewart and Segars, 2002; Smith et al., 1996; Culnan, 1993, Ajzen, 1991).
Among the theories, the technology acceptance model (TAM) has proven to be one of the most
useful in explaining users’ service adoption (Venkatesh, 2000). The TAM is derived from the
theory of reasoned action (TRA) by Fishbein and Ajzen (1975) and is widely used for testing user

acceptance of information technology (Davis et al., 1989).

Davis (1989) hypothesizes that system use is directly determined by behavioral intention to use
(BI), which is in turn influenced by perceived usefulness (PU) and perceived ease of use (PEU).
PEU refers to the individual’s perception of effortless use of a service (Davis, 1989; Taylor and
Todd, 1995). Previous studies have found that ease of use is vital for acceptance, as familiarity
with technology and the skills needed to use technology are likely to be significant for various
services (Park et al., 2017; Kim et al.,, 2017). In addition, many earlier works have provided
empirical and theoretical evidence that PEU directly and positively influences Bl (Dabholkar and

Bagozzi, 2002; Dabholkar, 2002; Venkatesh, 1999; Szajna, 1996; Davis, 1989).

The appeal of TAM is that it is specific, efficient, and easy to modify. Researchers have often
augmented TAM by adding new constructs to fit specific conditions in various services, thus
improving the explanatory ability of the model. These constructs are also easy to understand for
system developers and can be considered during system development stages. Therefore, this

model has been widely applied to solve the acceptance problem (Taylor and Todd, 1995).
2.4.2. Trust and the TAM

Trust is an essential element of the economic framework of social exchange (Kelley, 1982; Kelley
and Thibaut, 1978). Business transactions are usually carried out during social exchange without
an explicit contract or control mechanism against opportunistic behavior. In that sense, the

parties involved in these activities expose themselves to a complicated social environment
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characterized by mass uncertainty. To ensure better rewards from economic activities, people
make efforts to reduce this uncertainty and avoid the risk of being exploited (Wrightsman,
1972). Therefore, trust is seen as key to reducing the perceived risk of a transaction, which
increases the perceived certainty regarding the expectation of the trustee (Grabner-Kraeuter,
2002; Gefen, 2004). For an online environment, In the absence of mechanisms intended to
reduce the perceived risk of undesirable opportunistic behavior on the part of an e-vendor, only
short-term transactions would be possible (Kim et al., 2004; Pavlou and Gefen, 2004).

Accordingly, trust is an essential determinant in e-commerce, including public services.

The connections between trust and the TAM have been widely discussed in the literature, such
as in online business settings (Gefen, 2004; Gefen et al., 2003a, Gefen et al., 2003b; Pavlou,
2003; Saeed et al., 2003; McKnight and Chervany, 2002), e-health (Pai and Huang, 2011; Holden
and Karsh, 2010), online gaming (Wu and Liu, 2007), and e-banking (Suh and Han, 2002).
However, studies have yielded different results. For example, Hsu and Lin (2008) found that
trust positively influences attitudes towards blogs. In contrast, the relationship between trust
and attitudes towards online purchases was not found to be significant in a study conducted by
Heijden et al. (2003). In addition, the impact of trust on intention to use has been found to be
insignificant in mobile applications (Watzdorf et al., 2010), while negative correlations have
been found between trust, perceived usefulness, and actual usage (Chen et al., 2004). While
Maas is considered a particular type of e-service, the trust and TAM model is partially applicable
to the MaaS setting. However, there are additional variables, as discussed below, that should be

included in this context.
2.4.3. Intention to use Maa$S

The theory of planned behavior (TPB) underlying the effort of TRA has been proven successful in
predicting and explaining human behavior related to using various information technologies
(Ajzen, 2002). According to the TPB, a person's actual behavior is directly influenced by their
behavioral intention, which is in turn jointly determined by attitude toward performing the
behavior, perceived behavior control over that behavior, and relevant social norms (Ajzen,

1991). Norms refer to the shared understandings of obligatory, permitted, or forbidden actions
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in a group of people or a larger cultural context (Cummins, 1996). In this sense, any unexpected
use of one’s information by a third party is regarded as a form of privacy violation. Several
studies (Abrahamse and Steg, 2009; Guagnano et al., 1995) have discussed the positive
correlation between norms and behavioral intentions in other contexts. For example, Culnan
(1993) found that people who are less sensitive to unauthorized secondary uses of information
have a more positive attitude towards behavior intention. In that sense, under the TPB and the
TAM, behavioral intention measures the strength of one's willingness to try MaaS. Within Maas,
it is also possible that a positive attitude on the part of a user towards a service will increase
the likelihood that that user will provide personal information in exchange for a specific mobility
service, and a less positive attitude will lead to a lower likelihood of sharing personal
information. Given that many factors can affect one's intention to use a service, behavior

intention is used to represent one's willingness to adopt Maas.
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Chapter 3. Methodology and research design

This chapter presents the methodology and the design of this study. It begins with the case

study, followed by the methodology and the research design and strategy.

3.1. Case study

According to the literature review and the introduction to the TAM model, users' privacy
concerns related to MaaS have multiple dimensions. All these dimensions may have
implications for a user's intention to use MaaS. As mentioned in Chapter 1, two research

guestions serve to illuminate this complex issue.

To answer these questions, a case study was conducted. The selected case helped to illuminate
privacy concerns associated with MaaS applications. The case selected for this study was a
Maas pilot launched in "Innovation park" in Stavanger, a city in southeast Norway, in November
2019. In this pilot project, Kolumbus, a regional public transport operator, and Hyre, a
car-sharing service provider, developed mobility services in line with MaaS. As a result, users
pay the same price to access multiple transport services via a single digital channel. This pilot
offered a unique opportunity to study users' perspective on the adoption of MaaS and was

therefore chosen as a case study for this project.

The selected case is instrumental; this approach is helpful in that it allows for answering
research questions that concern broader issues than this particular case. Therefore, this inquiry
takes the form of an instrumental case study. Instrumental cases such as this have very limited
generalizability (Stake, 1995). The intent is mainly to illuminate a complex issue or concern with

helpful insights.

As mentioned in Sections 2.2.1 and 2.2.2, the two identified dimensions guided the selection of

four groups of Maa$ users from this selected case, as presented in Section 3.4.1.

The following section presents the methodology and the research design of this case study.
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3.2. Methodology and research approach

According to Della Porta and Keating (2008), methodology refers to the instruments and
techniques used to acquire knowledge. The objective of this study is to identify explanations for
the assumptions of a cause-effect relationship between variables. Achieving this goal starts with
theories, which are then used to generate hypotheses, and the empirical world is then explored,
where data are collected to test these hypotheses. This process is similar to the
hypothetico-deductive method in natural science (Crossman, 2020), in which the study of social
reality utilizes scientific reasoning to generate and test proposed hypotheses in the real world
(Corbetta, 2003). This method reflects the positivist tradition, which aims to derive useful
knowledge in the sense that certain outcomes of future events can be explained (Lawson,

2015), which is in line with the objective of this study.

Because it is more difficult to conduct experiments in social reality than in a laboratory, data
sets and statistical analysis are used to identify causes and effects and arrive at a single
explanation. This is not to say that only the quantitative method can be used in this study;

however, whether other (qualitative) methods are used, they follow the same logic of inference.

When no instrument is available , which is the case for the present study, many scholars suggest
using a mixed methods approach for exploratory instrument design (Bryman, 2006, Creswell
and Plano Clark, 2018; Collins et al., 2006; Crede & Borrego, 2013; Durham et al., 2011,
Hitchcock et al., 2006; Nastasi et al., 2007). Therefore, the research approach adopted in this
study is exploratory sequential mixed methods. It begins with a qualitative method, where the
gualitative data contribute to developing an instrument with which to collect quantitative data.
It is worth noting that, even though both qualitative and quantitative methods are used, the
logic of inference follows the positivist tradition. The research design is presented in the next

section.

3.3. Research design

In this case study, privacy concerns related to MaaS were investigated. Particular attention was

given to factors that may explain users' Maa$S adoption. The emphasis is on quantitative data
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collection and analysis. The research design includes a two-stage process that begins with

gualitative data collection and analysis and moves to quantitative instrument design and testing

(see Figure 1).

The research design follows a sequential mixed methods approach (Creswell and Plano Clark,
2018). First, qualitative data were used to answer the first research question. In this stage of the
research process, differences between user groups regarding their privacy concerns were
studied. In the literature review, it was found that the spatial context and ownership of the
device used to access mobility services were relevant to privacy concerns. Hence, these two
dimensions were helpful in identifying four groups of Maa$S users from the selected MaaS pilot
as participants for this study (see Section 3.4.1). Then, in a second stage, quantitative data were
used to answer the second research question. Since the existing literature does not explain
which factors have implications for Maa$S users’ adoption (see Chapter 2), the second stage

aimed at empirically identifying factors that could explain the users’ intention to adopt MaaS.

The integration between these two stages occurred where qualitative data were analyzed and
used to develop an instrument for quantitative data collection. The intention was to develop an
instrument grounded in participants' views (e.g., MaaS users) rather than use an existing
instrument that may not accurately reflect their views. The evaluation of these data using
qualitative and quantitative methods (thematic content analysis, survey, and factor analysis,

regression analysis) allowed conclusions to be drawn regarding the validity of the hypotheses.
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Figure 1. Stages of the research
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3.4. Stage 1: MaaS user interview
3.4.1. Participants

In Stage 1, 47 semi-structured interviews were conducted between July and August 2020. The
gualitative data were used for initial exploration and to determine whether Maa$ users’ privacy
concerns differ in relation to the spatial context of the MaaS$ platform and the ownership of the
device used to access mobility services. Participants were Maa$S users recruited from a Maa$S

pilot in Stavanager. Thus, four groups of users were selected:

1. Public transport users who use mobile apps (spatial context of the service: not private;
ownership of the device used to access mobility services: yes);

2. Public transport users who use bus cards (spatial context of the service: not private;
ownership of the device used to access the mobility service: no);

3. Shared car users (spatial context of the service: private; ownership of the device to
access the service: no); and

4. Tesla owners (spatial context of the service: private; ownership of the device to access

the service: yes).

Accordingly, a purposive sampling technique was used. The interviews consisted of questions in
three parts. The first part was related to the respondents’ experience of using MaaS mobility
services in general. In the second part, the respondents were asked about their perceptions of
information privacy. Finally, the interview participants' demographic information was gathered,
including age, education, civil status, and IT competence. Those with IT competence were
excluded because they typically have a much higher sensitivity to information privacy than the

general public.
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3.4.2. Qualitative data collection process

These interview questions were designed as an online survey where participants scanned a QR
code or followed a link to access the interview questions through their mobile phones. The
interviews were conducted in paper-and-pen form, with the participants reading the interview
guestions and the researcher taking notes on the interviewees' responses, while some
participants entered their answers directly as text. Further, each interview result was
numbered, allowing all participants to remain anonymous. If quoted in the research results,
they were coded as P1-P47 in place of their actual names. The questions were designed to help
participants think about their experiences of using smart mobility services and what their
perceptions were regarding the personal information collected by service providers (see
Appendix B for the interview guideline). These questions were divided into three stages. Part
one contained demographic questions. Part two featured questions related to the use of smart
mobility services in general (e.g., how did the participants start to use the specific smart
mobility service, how often did they use it, how did they know of the service, what was their
first impression, and did they like it). In part three, respondents were asked about their
perceptions of information privacy. The first two questions in part three asked whether they
thought sharing personal information contributes to ease of use or convenience. The
respondents were then asked to actively identify these issues related to personal information
(Part 3, # 3-6). For question #7, participants were asked whether they trust service providers to
handle their information appropriately. Questions #8 and #9 concerned the secondary use of
personal data and perceptions of the risks associated with sharing MI. These questions helped
identify specific dimensions of privacy concerns related to Maas, particularly in relation to the
uncertainty arising from the environment of the internet and personal data flow, which may

have affected the respondents’ intention to use MaaS.
3.4.3. Qualitative data analysis

Thematic content analysis (TCA) was chosen in this process, as this study adopted an
interpretive approach (Braun and Clarke, 2006). This study followed the six steps suggested by

Braun and Clarke (2006) (see Table 1). This process was completed in several iterations. First,
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transcriptions were read repeatedly to obtain an overall view of the interviewee's responses,

followed by coding, searching, previewing, providing definitions of, and finally naming the

themes (see Table D-l in Appendix A). In addition to the six-step process, the software Nvivo 12

was also used to generate word clouds to obtain an overview of the qualitative data.

Table 1.

Braun and Clarke’s (2006) six phases of thematic analysis

Phases

Description of the process

1. Familiarization with data

Transcribing, reading, and re-reading the data, noting initial
ideas.

2. Generating initial codes

Coding interesting features of the data in a systematic fashion
across the entire data set, collating data relevant to each code.

3. Searching for themes

Collating codes into potential themes, gathering all data
relevant to each potential theme.

4. Reviewing potential themes

Checking the theme work in relation to the coded extract
(Level 1) and entire data set (Level 2), generating a thematic
“map” of the analysis.

5. Defining and naming
themes

Ongoing analysis to refine the specifics of each theme and the
overall story the analysis tells, generating clear definitions and
names for each theme.

6. Producing the report

The final opportunity for analysis. Selecting vivid and
compelling extract examples, final analysis of selected extracts,
relating back of the analysis to the research question and
literature, producing a scholarly report of the analysis.

The qualitative data resulted in interview summaries, which served two purposes: First, they

offered material with which to determine whether there were differences in privacy concerns

among the mentioned user groups. Second, these qualitative data were used to develop items

to test proposed hypotheses 1-5 (see Section 3.5.1).
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3.5. Stage of mixing survey development

3.5.1. Hypotheses
According to the literature review and the TAM, several factors influence Maa$S adoption. On the
one hand, PEU and trust may positively influence users' intention to use these services, which
would support Maa$S adoption. However, on the other hand, factors such as PU, perceived risk

of the use and sharing of user’s personal information (SlI), and MI may negatively influence

users’ intention to use these services, which would decrease the likelihood of MaaS adoption.

Two variables from original models, perceived usefulness (PU) and attitude, were not included.
PU is not included because mobility services are useful in most people's everyday lives
(Kowatsch and Maass, 2012); otherwise, no one will use these services . Further, the variable
"privacy concerns" replaces the attitude variable. It represents an attitude towards Maas,

focusing on privacy risks.

These identified variables that may influence the user's intention are considered independent
variables in this study. These independent variables measure one dependent variable - intention
to use MaaS. Accordingly, based on these assumptions, the following hypotheses were

formulated:
Hypothesis 1

PEU is positively associated with the intention to use (IU) MaaS.

Hypothesis 2

Perceived privacy concerns (PCs) are negatively associated with 1U for MaaS.

Hypothesis 3

Perceived risk of secondary use of information (SU) is negatively associated with IU in MaasS.
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Hypothesis 4

Ml is negatively associated with IU in MaasS.

Hypothesis 5

Trust is positively associated with IU in MaaS.

An online survey was conducted to collect quantitative data with which to test hypotheses 1-5.
The survey was designed based on the existing literature and this study's stage one results.
Nineteen items from previous studies were selected and explicitly formulated to capture the

context of this research and test the proposed hypotheses (see Table C in Appendix A).

Each of the concepts was tested by three to four items, with all items being measured on a
seven-point Likert scale (ranging from 1, strongly disagree, to 7, strongly agree). The
development of these items is described in Section 3.5.2. Although all the items were adapted
from previous empirical studies, they were explicitly formulated to match the context of the
current study, particularly the items used to measure the concept of trust; which were adapted
from Lee (2005) and Pavlou (2003). Further, since three MaaS providers were included in the
scope of this study (i.e., bus, shared car, and electric car), three scenario-based questions were
developed to capture the respective contexts in which these services are used. Participants
were asked to indicate to what extent they thought that each service provider was handling

user information appropriately.

The items used to measure the concept of perceived ease of use were adapted from the scales
developed to measure PEU in the study by Park et al. (2017). Further, the items used to
measure the concepts of privacy concerns were developed from the scales used to measure PCs
in the study by Hsu and Lin (2016). Moreover, the items used to measure the perceived risk of
secondary use of information were adapted from scales that were initially created to measure
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SU in the study by Stewart and Segard (2002). Further, the items used to measure one's
perceived risk of Ml were adapted from the work of Pavlou and Gefen (2004). Finally, all these
items were used to test the impact of the independent variables on the dependent variable IU.
Three items were used to capture IU: two were based on the TAM and measured IU (Lee, 2005),
and one standard item captured the level of one's willingness to exchange their personal

information with a Maa$ provider (i.e., bus, shared car, electric car).
Section 3.5.2 describes the process of developing these items.
3.5.2. Scale development

The questionnaire items were developed from two sources: the items from prior studies and
interview data. As mentioned in Section 2.4, the measurements used in this study can be
divided into five independent constructs and one dependent variable. The following section

describes how each variable was developed.

PEU was defined as the extent to which users believe that using a service is effortless (Pavlou,
2003). Many interview respondents claimed they experienced convenient, comfortable,
effortless, and cheap use of MaaSs in the interview. However, half of the respondents noted that
the procedure used to lease a car was not clear or understandable for shared car users. They
explained that the registration process and the process for ending the lease were confusing and
complicated, as opposed to effortless. In other words, the respondents emphasized that
providing a large amount of personal information was a complicated but necessary requirement
to enable the shared car. In this sense, ease of use refers to the interaction between users and
the app or interface that enables users to access the service. Therefore, the questionnaire
showed the app or interface of the bus, shared car, and electric car alongside the closed-ended
guestions below to assess how the respondents experienced using the interface. The

respondent answered the three questions using a seven-point Likert scale (see Table 2):
- Using such apps/interfaces does not take much effort.

- These apps/interfaces are easy to use.
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- The instructions for using such apps/interfaces are, in general, clear.

Table 2. Scale of measurement |

1 2 3 4 5 6 7
Strongly disagree  Somewhat neutral Somewhat agree Strongly
disagree disagree agree agree

Trust was the center of the third part of the questionnaire, and three scenarios were designed
to measure it. In each scenario, the participants were asked to imagine themselves as an
electric car owner, shared car user, or bus user, respectively (see Appendix C). At the beginning
of each scenario, participants were informed of what types of personal information each service
provider required from them to enable them to use these services. Then, the participants were
asked whether they believed that a service provider would handle personal user information in
a secure manner. Finally, the participants were asked about their intention to use these mobility

services at the end of each scenario.
- The service provider is trustworthy in handling its consumers' information.

- | trust that the service provider takes measures to protect the information provided by

consumers.

- | trust that the service provider devotes time and effort to prevent unauthorized access to its

database.

After the question concerning trust in the service provider, the second question asked whether
participants still wanted to use the service after considering these privacy concerns. The scale of

measurement is presented in Table 3.

- Considering the data collected/used/stored by the service provider, how likely are you to be

willing to provide personal information so that you can use this service?
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Table 3. Scale of measurement |l

1 2 3 4 5 6 7
Very Unlikely Somewhat Neutral Somewhat Likely Very likely
unlikely unlikely likely

Perceived privacy concerns (PCs) focus on one's perception of the use of personal information in
exchange for using MaaS. As mentioned in Section 2.2, privacy concerns are a vague concept for
many; therefore, PCs is used to capture one's sense of losing one’s privacy once one uses MaaS.
Three closed-end questions adapted from Pavlou and Gefen (2004) were modified according to

the responses from the interviews to ask about participants’ perceived concerns in general:

- There may be privacy risks involved in using Maa$S mobility services.

- Accessing "MaaS" exposes you to privacy risks.

- Using MaaS involves a loss of privacy.

The respondents used the same seven-point Likert scale mentioned previously to respond to

the three questions (see Table 2).

SU is considered a construct, as several interview respondents expressed that their privacy was
highly relevant to their uncertainty as to how their personal information might be used. These
responses did not appear in a specific statement but were rather inferred based on the
co-occurrence of other responses. For example, several respondents mentioned they thought it
was unacceptable to use users' data for commercial purposes. Some mentioned that the service
providers should inform the users when the latter’s information is used. These conceptual
co-occurrences suggested how some individuals may react to the uncertainty concerning the
usage of their information. As a theme, SU helps to tie various accounts and responses together.
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In this phase, the objective was to develop items to form a scale with which to measure this
theme. Users had to consent to allow MaaS providers to use and store their data; otherwise,
the users could not use the service. In this sense, the users were passive in their privacy choices
because they had to exchange their personal information for using the service even if the
service providers could use their personal information for other purposes. Therefore, these
guestions were designed across three conditions, with respondents being able to select their
preferences. In addition, these questions reflected social norms around the degree to which

users react to the use of their information and the potential violation of their privacy.

The two sets of closed-end questions were as follows:

Social norms regarding the secondary use of information

- The service provider must not use the user's personal information for any other purpose.

- The service provider should not use personal information for any other purpose unless

authorized by the person who provided the information.
Social norms regarding storage and sharing of information

- The service provider must not share personal information in its database with any other

company unless authorized by the individual who provided the information.

- The service provider must not share personal information in the database with any other

company.

The wording of the measurements is the same as in Table 2.

Perceived risk of secondary use of information is considered a construct because several
interview respondents expressed that their privacy was highly relevant to the uncertainty of
how their personal information might be used. These responses did not appear in a specific
statement but appeared as a concept suggested by other responses' co-occurrence. For
example, several respondents mentioned they thought it was unacceptable to use users' data

for commercial purposes. Some mentioned that the service providers should inform the users
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when their information is used. These conceptual co-occurrences suggest how some individuals
react to the uncertainty of usage of their information. As a theme, it helps to tie various
accounts and responses together. In this phase, the objective is to develop items to form a scale
to measure this theme. Users have to consent to let MaaS mobility service providers use and
store their data; otherwise, they cannot use it. In this sense, the users are passive in their
privacy choices, even if the service providers may use it for a not favorite purpose. Therefore,
these questions are designed across three conditions, allowing respondents to select their
preferences. In addition, they reflect social norms to what degree users react to their

information privacy about use and storage.

Two sets of closed-end questions are as follows:

Social norms regarding the secondary use of information

-The service provider must not use the user's personal information for any other purposes.

-The service provider should not use personal information for any other purposes unless

authorized by the person who provided the information.

Social norms regarding storage and sharing of information

-The service provider must not share personal information in the database with any other

company unless authorized by the individual who provided the information.

-The service provider must not share personal information in the database with any other

company

The wording of the measurements is the same as in Table 2.

Perceived risk of sharing Ml is highly relevant to all types of MaaS. In principle, the service
providers need to obtain users' location information to improve their services (e.g., recording an

individual’s favorite route and offering real-time traffic information). Notably, issues regarding
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location-based information are directly related to privacy concerns among MaaS users. For

example,

".... the (location information) is highly sensitive; it can be problematic for me.” (EV owner,

female, 40-49)

Several studies have focused on services based on location information (e.g., Poikela, 2020;
Zhou, 2011). Although these studies focused on services other than Maa$, they all showed that
privacy concerns can negatively impact users' adoption. Therefore, items from the
guestionnaire in Pavlou and Gefen (2004) were adopted to measure how Maa$ users perceive

the risk of Ml.
- Generally, it is risky to provide location information to Maa$ providers.

- There is much uncertainty associated with providing Ml to a service provider, as users have no

control over what information is used (e.g., for business development purposes).

- There is a potential loss associated with providing Ml (i.e., data leakage is likely because of

uncertainty about how MI may be used).
The wording of the measurements is the same as in Table 3.

Overall, the process of adjusting wording of the measurement scale and items are presented in
this current section. In the next section, the process of testing the questionnaire’s items will be

described.

3.6. Stage 2: MaaS user survey

3.6.1. Pilot survey

Before starting the survey, a pilot survey was conducted between August and September 2020.
Twenty-three MaaS users were randomly recruited from Stavanger's "Innovation Dock." To
distinguish the participants in the pilot survey from those in the primary one, they were asked
whether they are employees or students at the University of Stavanger. Only those who did not

belong to these two groups could participate in the pilot survey. The sample size was not set in
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advance, as the purpose of the pilot survey was to improve the quality of the survey
guestionnaire. Hence, all items were reviewed by professors, researcher peers, and doctoral
students for appropriateness and comprehensiveness. The testing and modifying of the
guestionnaire were based on the feedback of pre-testing participants. This process was

repeated until no further changes were considered necessary.
3.6.2. Survey participants

The participants were MaaS users who had the following educational backgrounds: master’s

n u

students enrolled in “the energy, society, and environment,” “ the regional and urban planning,”
“the energy engineering,” “the environmental engineering,” “the resource, and energy
management,” course of study at the University of Stavanger. The criteria for selection were
that the participants enrolled in the abovementioned programs of study were proficient in
English. It was assumed that the selected participants (240 postgraduates with the specified
educational backgrounds) had strong intentions to support and complete the survey. This
technique is a selective sampling based on participants’ academic qualifications and English
proficiency. Therefore, higher income and higher education groups were overrepresented in the
sample. However, since the purpose of this study is not to generalize the results to any specific
group, this bias does not cause any conflict. In addition, participants' demographic information,

including age and sex, was also collected. A total of 187 usable responses were obtained from

240 postgraduates.
3.6.3. Quantitative data collection process

The data were collected using the software surveyXact, which was used to send the survey via
email to Maa$ users between October 2020 and March 2021. The survey was conducted as part
of a service adoption questionnaire for Maa$S users to mitigate possible non-response bias due

to disinterest in information privacy.
3.6.4. Quantitative data analysis

The quantitative data were analyzed using IBM SPSS Statistics version 26. Factor analysis is a

data reduction technique (Pallant, 2013) that is used when there is a need to condense
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measurements into identifying groups of interrelated variables (Kissi et al., 2016; Norusis, 1992;
Li et al., 2005). Further, this technique is ideal for reducing variables to an easily understood
structure (Field, 2009). Therefore, factor analysis is applied to analyze the survey data to

identify the underlying links between the 19 items.

The Kaiser-Meyer-Olkin (KMO) test and Bartlett's test of sphericity were used to determine the
suitability of the collected data for factor analysis. These tests are often performed before the
application of a data reduction technique to verify that the technique (in the case of this study,
factor analysis) can actually compress the data in a meaningful way (Norusis, 1992). KMO
measures the sampling adequacy for each variable and the complete model (Field, 2009).
According to existing literature (Child, 1990; Norusis, 1992), a KMO value greater than 0.5 is
considered adequate for factor analysis. High values (i.e., those close to 1.0) generally indicate

that factor analysis may be useful with a given set of data.

Further, Bartlett's test for sphericity was used to test the relationships among the variables. It
checks whether there is a certain degree of redundancy between the variables that can be
summarized with a few factors (Osei-Kyei et al., 2014). Essentially, it measures whether the
correlation matrix is an identity matrix that tests the null hypothesis (Ofori- Kuragu et al., 2016).
The test's null hypothesis is that the variables are not correlated, which indicates an identity
matrix. If the significant level of the test is small enough, the null hypothesis should be rejected,
which would indicate that the variables in the correlation matrix are not an identity matrix

(Dogbegah et al., 2011). An identity matrix means the variables are not correlated.

Moreover, regression analysis was used to test the proposed hypotheses. Linear regression is a
statistical tool for investigating relationships between one dependent variable and more
independent variables (Alan, 1993). To explore such relationships, regression analysis was used

to estimate the quantitative effect of the causal variables on the variables that they influence.

Regression analysis helps to identify which independent variables impact the dependent
variable—for example, the effect of one's intention to use MaaS increases with trust. Further,
the statistical significance of the estimated relationships is assessed by a p-value. The p-value is

based on two hypotheses: One of these is the null hypothesis, in which it is normally assumed
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that there is no effect of an independent variable on a dependent variable. This means that an
observed difference could have occurred by random chance and that this difference is therefore
not a real statistical one. The lower the p-value, the greater the statistical significance of the
observed difference (Pripp, 2015). A p-value of less than .05 is typically considered to be
statistically significant, in which case the null hypothesis should be rejected (Fisher, 1950). Thus,
a p-value of .05 means there is a very good likelihood (namely a 95% likelihood) that the
difference in outcomes would not be observed. In contrast, a p-value greater than .05 means
that deviation from the null hypothesis is not statistically significant, and the null hypothesis

should not be rejected.

3.7. Quality issues

Reliability and validity are two essential aspects of all research. This study includes a qualitative
study and a quantitative one. The rigor and trustworthiness of qualitative research equate to
the concepts of the reliability and validity of quantitative research, and all are necessary
components of quality. The following sections discuss the potential quality issues and the effort

to enhance the quality in both studies.

3.7.1. Stage 1. Qualitative study: rigor and trustworthiness

Since subjectivity is inherent in qualitative study, rigor and truth are more of a concern in
qualitative research (Houser, 2013). According to Morse et al. (2002), rigor is defined as
referring to the strength of a research design and the appropriateness of a method for
answering the questions investigated in a study. To achieve rigorousness, a clear explanation of
the rationale for the research design and methods was presented in the previous sections.
Further, truth with regard to a qualitative study refers to "trustworthiness," which Schimit
(2015) defines as quality, authenticity, and truthfulness. In this regard, the quality of qualitative
research also relies on whether the data gathered can appropriately represent and explain what
the participants intended to convey in the interview (Bryman & Bell, 2011; Gray, 2018; Saunders
et al., 2016). Therefore, the interview data and interpretation process are presented in detail to

convey the "truth" in this study. Meanwhile, some scholars have rejected the reliance on
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methods or technical procedures to ensure truth. Instead, they argue that the quality of a
qualitative study lies in the skills and knowledge of a researcher and how they use their
knowledge and abilities as an inquirer (e.g., Smith, 1990; Phillip, 1987). Therefore, to ensure
quality, the author of this study, who had the most well-developed understanding of the
research topic among all parties involved, conducted all of the interviews. In addition, the
suggestion by Morse (1991) was followed to ensure the quality of interview data by allowing
respondents to speak freely according to their perceptions. In addition, all interview questions
were open-ended, and interviews were carried out as natural conversations. This means that
respondents could speak freely and steer the conversation's direction. If the respondent
answered vaguely or in a way that required further explanation, the interviewer would request

that they further elaborate on their views.

In addition, respondents were free to decide whether to express any specific personal opinions
or perceptions. In addition, they were not asked any particularly personal questions that may
have caused them to feel uncomfortable. These considerations may have reduced bias, as
respondents may otherwise have felt uncomfortable answering questions freely. The interviews
were also short, meaning that potential bias caused by impatience on the part of respondents
was limited (Saunders et al., 2016). To conclude, all of the above measures demonstrate the

author’s efforts to ensure the quality of the first part of this study.

3.7.2. Stage 2. Quantitative study: reliability and validity

This study used different means of gathering information that supplement each other and boost
the quality of the data. The quantitative approach was used in the second phase of the study,
where validity and reliability determined the quality of the quantitative study. Validity refers to
the degree to which a measuring instrument measures what it is supposed to measure (Heales
& Twycross, 2015). For example, a survey designed to explore satisfaction but that actually
measures well-being would not be considered valid. Therefore, using a validated measuring
instrument is essential to ensure that the findings obtained from analyses are valid (Anastasi
and Urbina, 1997). Several different approaches to determining the validity of a measuring
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instrument have been suggested in the literature (see Oluwatayo, 2012). In the current study,
validity was enhanced by scale development to provide the most appropriate measurements
according to the purpose of the research. This is so-called content validity (Bollen, 1989), which
refers to the extent to which a concept is accurately measured. The typical way to ensure
content validity is to use the input of professionals in the field (Beck, 2020; Koller and Glick,
2017; Reynolds et al., 2009; Allen and Yen, 2002). They have expertise in writing effective test

items and balancing the many tradeoffs that must be made (Webb, 2006).

In the second phase of this study, the instrument used to collect quantitative data was a
guestionnaire. The questionnaire items were developed based on the research objectives and
guestions. To ensure the developed items conveyed the appropriate construct, this process
involved numerous rounds of expert feedback and pre-testing. It began with consulting the
experts to evaluate each expression in the developed items regarding the content of the
appropriateness scale. Further, there was a pre-testing. In this process, participants provided
feedback, which helped identify ambiguous, problematic, or well-written words in the question
items. Thereby, the clarity of each question item was improved. The items developed for the
guestionnaire were intent to be most appropriate for the purposes of the scale. Thus, the

content validity of the measuring was enhanced by the mentioned process.

After the questionnaire items had been qualitatively developed, they went through a
guantitative examination to evaluate their reliability. Reliability refers to the consistency of a
measure (Heales & Twycross, 2015); more specifically, it refers to the ability of measurement
instruments to give similar results when applied at different times. In fact, it is unlikely that the
same results will be obtained every time due to differences when the measuring instrument is
applied and changes in the population and the sample. However, similarity between the results
of a measuring instrument is an indication of reliability. The reliability of a measuring
instrument is essential for the results of a study to be sound. Therefore, it is necessary to ensure

that the measuring instrument used is reliable.
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The reliability test in the quantitative study used Cronbach’s alpha (C- a). Cronbach's alpha is
the most commonly used test to determine the internal consistency of an instrument (Heales &
Twycross, 2015). This test determines the average of all correlations in every combination of
scales. Instruments with questions that have more than two responses can be used in this test
(Strtict, L. & Maslakel, 2020). There are different suggestions regarding the minimum
acceptable level of the values of Cronbach’s alpha. A commonly accepted rule of thumb for
describing internal consistency is a = 0.5 or above (George and Mallery, 2003; Nunally et al.,
1967). However, DeVellis (2016) argues that a scale's coefficient alpha should be above 0.7,
while Pallant (2013) advises that a figure of above 0.8 is preferable. Very high reliabilities (0.95
or higher) are not necessarily desirable, as they indicate that items may be redundant (Streiner,
2003). Further, item-total correlations refer to the correlations between scores on each item
and the total scale scores. Total item correlation is a criterion for initial assessment and
purification in several studies. Again, various cut-off points have been adopted; for example,
Cristobal et al. (2007) used 0.3 and Loiacono et al. (2002) suggested 0.4. The threshold to be

removed in the current study is load < 0.5 (Kim & Stoel, 2004; Nunnally, 1978).

Table 6 lists coefficient alpha values. All scales exceeded the acceptable level, and none of the
items indicated are redundant (i.e., C- a > 0.95 or higher). This result indicates that the
measurement items have high reliability. Further, the statistical results of the measurements of
each concept are presented in table and figures in the Appendix A. Overall, the above discussion
shows that the reliability and validity have been taken into account in research design. Thereby,

the interpreting of the results should make this current work more credible and trustworthy.
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3.8. Ethics

The first area of harmfulness is the violation of confidentiality assurances (Neuman, 2013;
Saunders et al., 2016). Confidentiality refers to having proper safeguards in place to protect
participants' privacy and information from unauthorized access, disclosure, modification, loss,
or theft (NESH, 2016). The technical measures employed to ensure confidentiality included
password-protected electronic data, where the researcher was the only one who had access to
the data. The other safeguard measure involved the data collection process. For example, all
interviewees were given pseudonyms in the form of numbers, and the researcher avoided

asking or including information related to a specific individual.

The second area, lack of informed consent, refers to the need to provide participants with
enough information before the data collection process to allow them to determine their
willingness to participate (Neuman, 2013). Since this study consists of overt research, all
participants in the data collection process were provided with information and instructions
intended to clarify the purpose of the study. The researcher’s contact information was also
presented, and the participants were encouraged to make contact if they had any questions or
suggestions regarding the research objective. Further, there were no sensitive personal
guestions in these two processes, as overstepping privacy at the individual level is considered
unethical. Therefore, the balance of obtaining helpful information and ethical considerations

were reached.

Finally, the issue of deception arises when research is presented in a misleading way (Bryman
and Bell, 2011). To address this concern, the logic of the research design was presented and the
data gathering and analyzing process reported clearly. The goal was to make the entire process

transparent to avoid the researcher's presuppositions hampering the participants’ descriptions.
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Chapter 4. Findings

This chapter presents the findings of each of the data collection methods. The first sub-chapter
(4.1) presents the results from the qualitative interview, where the results are reported based on
the themes identified in the interview data. The second subchapter (4.2) presents the results of

the analysis of the survey data.

4.1 Qualitative study

4.1.1. Interview Participants

Well over half of the interviewees were female (N = 47, 68%). More than half of those who
responded were bus users (57.4%). They ranged from 20-69 years of age at the time of data
collection; most of them (70%) were under 40, and almost half (42.5%) were under 30.
Approximately half of interviewees were in a relationship, while the other half were single.
More than a quarter of them held master’s degrees, while 19.6% have a Ph.D. Less than a
quarter of the interviewees had IT competence, in which case their opinion was excluded.
Figure 2 and Table A in Appendix A show demographic characteristics of interview participants.

A detailed information of interview participants are presented in Table J in the Appendix A.

Figure 2. Demographic characteristics of interview participants
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4.1.2. Word cloud

Following Braun and Clarke (2006), the researcher read the interview data extensively before
the coding process. In this pre-coding stage, a word frequency query was run in NVivo to
explore the most commonly used words. A word cloud was generated, which is presented in
Figure 3. The word cloud helped to provide an overview of the commonly used words in the
interview data. For example, a glance at the word cloud reveals that the interview participants
used the words “information” and “privacy” frequently. These words provided confirmation of

the existence of a certain degree of privacy concerns among Maas$ users (see Figure 3).

Figure 3. Word cloud in NVivo 12
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4.1.3. Qualitative result

The participants were divided into groups according to the spatial context and ownership of the
device used to access the selected mobility services. Any similarities or differences in terms of

these segments were identified.

Privacy concerns. The results of the interviews showed that most respondents had at the very
least a few privacy concerns. It was also found that bus users were slightly less concerned with
sharing personal data with mobility service providers than car users. However, this result does
not indicate that the spatial context of the MaaS had an impact on users’ privacy concerns. For
example, it was apparent that young people, particularly those in the age group of 20-29, were
less concerned with sharing their data. One respondent from this group explained that she
could not be bothered with evaluating the data-gathering processes of mobility services
because the service providers already had a significant amount of her information, so it was too
late to worry about it. Another respondent who belonged to this age group said she had privacy
concerns about the personal information collected by the bus operator but noted that they

were not very serious.

Further, more than half of the female respondents indicated that their concerns about their
privacy were more pressing than their personal interest in using MasS. In contrast, the other
half of the female respondents argued that sharing their personal information makes MaaS$ easy
to use. Additionally, a few female respondents said “ | do not know “ or “not so much of a
concern” when indicating their perceived risk associated with sharing personal information due
to their lack of knowledge and experience of information privacy. In contrast, many male users
could name some data security problems, such as "data breaching" and "aggregate
information." Furthermore, whether the users’ privacy concerns are related to the spatial

context of the MaaS platform remains unclear, which is further discussed later.
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Further, the bus user group was divided into two segments according to the tool used to buy
tickets: bus cards or apps. Bus users who use bus cards have less privacy concerns than those
who use mobile apps. However, only a few respondents use bus cards, while most use mobile
apps. The other two segments, shared car users and Tesla owners, have relatively more
significant privacy concerns than bus users. However, the interview data do not indicate the
difference in privacy concerns between Tesla owners and shared car users. These two groups of
users differ in that shared car users, in principle, have fewer opportunities to determine the
extent of data gathering by companies because they have fewer opportunities to consent to
such. All these results indicated that privacy concerns were more related to information privacy

than the ownership of the device used to access the mobility service.

Secondary use of information. Further, most respondents indicated a high level of privacy
concerns related to the theme of SU. No explicit difference appeared regarding this theme
related to the spatial context of the mobility services or the ownership of the device. In
addition, there are respondents elaborated that they had privacy concerns regarding the
purposes for which companies used user data. Several respondents indicated that commercial
uses were “not acceptable,” while using user data to improve services was considered
acceptable. While almost all respondents from the shared car segment revealed deep concerns
about the secondary use of personal data, one of them mentioned that these data should be
used based on the contract [P14]. However, several respondents who belonged to the bus users
group mentioned they did not mind [e.g., P29, 36, 40]. Interestingly, they belonged to the 20-29
and 30-39 age groups, and most were female with a lower level of higher education. However,
more than half of the female respondents also discussed negative issues concerning the
secondary use of their personal information. Further, all respondents with a higher level of
education showed a unanimous negative attitude toward secondary information. These
observations led the researchers to test whether SU has an impact on the participants’ intention

to use MaaS.
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Ease of use. Most respondents expressed their impression that MaaSs are excellent and
convenient. These statements were connected to the theme of PEU. Specifically, Tesla owners
expressed the highest positive attitude regarding sharing their information in exchange for high
guality services. Meanwhile, several contrary opinions appeared from the segment of shared
car users. The issues that were specified were complicated registration and lease processes.
While almost all respondents in all segments recognized that sharing information can contribute
to ease of use, a few female respondents from the bus users segment did not think so. The
latter participants belonged to the age groups 20-29 and 30-39. However, they could not
describe the perceived risk of personal information, which indicates that they may have lacked

relevant knowledge and experience of information privacy.

Trust. Most participants indicated that they had a high level of trust that service providers
would handle their personal information in an appropriate manner. However, Tesla owners and
shared car users had relatively low levels of trust in comparison to bus users. Many bus users
expressed their belief that the bus operator would manage users’ personal information well.
The reasons for the trust were diverse. For example, one interviewee mentioned that a
company in Norway was trustworthy because it had to follow the law (GDPR). In contrast,
another respondent stated that large companies such as Tesla supposedly had better resources
to manage users’ personal information well. Meanwhile, there was no difference caused by

spatial context or ownership regarding this theme.

However, a gradual reduction of trust could be observed with an increase in respondents’ ages.
Specifically, the level of trust was highest among respondents in the 20—-29 age group, but it was
moderately reduced among those aged 30-39. In the age group 40-49 and above, the level of
trust appeared to be almost nonexistent. Further, the male respondents of the age group 50-59
emphasized that they did not trust that MaaS providers could handle users’ information well.
These respondents discussed examples of risks such as data breaching, unclear purpose of data

usage, and aggregate information.
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MI. Most respondents indicated that they have a high level of privacy concerns regarding MI. No
difference was observed due to spatial context or ownership regarding this theme. However,
there were many interesting statements concerning this theme. For example, one respondent
who belonged to the 30—-39 age group mentioned that it could be dangerous to reveal an
individual's location information. However, he noted that a public authority could mitigate
privacy concerns by securing this information. Another respondent, who belonged to the 20-29
age group, explained that she could not be bothered with evaluating data-gathering practices of
companies due to the time and effort involved. However, some consumers expressed that they
relied on the law to protect their data. Another respondent who belonged to this age group did
not mind sharing personal data through a company website, but only if that data did not leave
the website. Additionally, a respondent who belonged to the 20-29 age group was also unclear
about his privacy concerns and, as such, remained neutral on the subject. The participants who
belonged to the age groups 20-29 and 30-39 indicated that they were more concerned with

personal interests than privacy.
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4.2. Stage 2: Quantitative study

4.2.1. Survey Participants

The sample consists of 187 survey participants and their demographic information is presented
in Figure 4 and descriptive statistics are included in Table B1 in the Appendix A. Table B2 and
Figure 5-11 in the Appendix A reports descriptive statistics results of the measurements of each

concept.

Figure 4. Demographic information of survey participants
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4.2.2. Factors that influence user’s intention use Maa$

The first question to be answered was whether the underlying factors that have implications for
a user's intention to adopt MaaS relate to one or more general dimensions. In measuring the
sampling adequacy for appropriateness of the factor analysis, the data were subjected to the
KMO measure and Bartlett’s test of sphericity. The KMO recorded a value of 0.8 (Table 4), which
verified the sampling adequacy for factor analysis because it surpassed the threshold of 0.5. To
explore the factorial dimensions in the selected sample, all 19 items of the instrument were
subjected to an exploratory factor analysis with varimax rotation. The maximum likelihood
factor analysis with a cut-off point of .40 and the Kaiser’s criterion of eigenvalues greater than 1
(see Field, 2009; Stevens, 1992) yielded a five-factor solution as the best fit for the data, as it

accounted for 83.96 % of the variance.

The results of this factor analysis are presented in Table 5.

Table 4. KMO and Bartlett’s Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0.8
Bartlett’s test of Sphericity Approx. Chi-Square 1875.080
df 120
Sig. .000
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Table 5. Exploratory factor analysis of the items of dimensions that influence Maa$ support

Items Factors Dimension
1 2 3 4 5
MI1 .147 -.105 .205 .864 -.034 Perceived risk of Ml
MI2 371 -.135 .309 .739 -.009
MI3 279 -.102 .347 .782 -.042
ull .841 .081 .260 -.003 128 Perceived risk of secondary used of
information
ul2 751 -.004 .095 .364 .069
SI1 .852 153 152 136 .04
SI2 .765 -.084 .070 441 .049
PEU1 .058 177 .072 -.097 .896 Perceived ease of use
PEU2 .005 132 .001 -.103 .93
PEU3 .183 .208 -.102 .165 .842
TUl .031 .959 -.101 -.089 172 Trust
TU2 .057 .968 -.080 -.106 71
TU3 .058 .936 -.088 -.098 .187
PC1 211 -.003 .864 184 .062 Privacy concerns
PC2 .166 -.124 .896 .207 .004
PC3 130 -.172 .764 344 -.107
Notes. Extraction method; maximum likelihood; rotation method; varimax with Kaiser

normalization. Loadings greater than .40 are in bold.
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Interestingly, two of the five factors obtained had almost exactly the same structure as those
found in the previous study (Park et al., 2017; Hsu and Lin 2016). The first of these factors was
ease of use, with three subscales: PEU 1-3. This factor had an eigenvalue of 2.447 and
accounted for 15.72% of the variance. The second of these factors was privacy concerns, with
three subscales: PC1-3. This factor had an eigenvalue of 2.45 and accounted for 15.85% of the
variance. The third factor of the five was trust, with three subscales: TU1-TU3. The eigenvalue
of this factor was 2.9 and accounted for 18.17% of the variance. The scales related to use and
sharing of personal information with Maa$S providers (SU1-4) converged into one dimension.
These four scales were loaded on one factor, which can be called “perceived risk of secondary
information,” with an eigenvalue of 2.954, accounting for 18.45% of the variance. The scales
related to one’s perceptions of the risk associated with location or Ml loaded on another factor
with an eigenvalue of 2.52, accounting for 15.75% of the variance. This factor can be labeled
“perceived risk of mobility information.” These findings suggest that the study participants
perceived the structure of support of MaaS adoption through five factors. Further, scale analysis
was used to estimate the reliability of scale (see Table K1-5 in Appendix). The values of
Cronbach’s alpha of each scale is presented in Table 6 . No value appeared to be problematic in
any of these tests (e.g., no double loading, Cronbach’s-a > 0.7) (Taber, 2018), thus providing no
evidence for a failed translation. The next question that needs to be answered is whether these

five dimensions of increased or reduced intention to adopt Maa$S can be explained differently.
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4.2.3. Explaining factors that has implication on user’s intention to use Maas services

Table 6 shows the summarized results for an ordinary regression model explaining factors and

their impact on users’ intention to use Maas.

Table 6. Factors that have implications for users’ intention to adopt MaaS

Parameter estimate

(standard error)

Independent variable A B C D E F Cc-a
Trust 21%* .198** 091
(0.01) (0.014)
Ease of use - .18* - - - 0.01 0.886
(0.6) (0.036)
Privacy concerns - - -21%* - - .006 0.886
(0.05) (0.042)
Secondary use - - - -.04 - -.019 0.875
(0.46) (0.03)
Mobility information - - - - -217%*  -1* 0.88

(0.048) (0.039)

Intercept 7.18**  2.17**  14.23** 11.58** 13.83** 4.474**
(1.05) (0.5) (0.93) (1.14) (0.78) (0.95)

R’ 0.55 0.67 0.093 0.006 0.13 0.707

N 187 187 187 187 187 187

Notes: The dependent variable is the user’s intention to use Maas.
Standard errors in parentheses.

*p<0.01; **p < 0.001. (Two-tailed t-test, despite directional hypothesis)
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In column A, as assumed, an increase in ease of use was associated with a higher intention to
use MaaS, controlling for all other factors. The results in column B indicate that lower trust in
MaaS providers leads to less intention to adapt to the service. Column C shows that privacy
concerns negatively influence users' intention to use the Maa$S platform. However, statistical
significance did not appear with secondary user information use. The results in columns D and E
show that the SU does not imply a reduction in users’ intention to use MaaS. By contrast, the

perceived risk of Ml does.

Thus far, with the exception of SU, each of the variables received at least some support. As can
be seen in Table 6, the results in columns A through E do not control for the other explanations.
The full multiple regression model results, in which the factors compete for explanatory power,
is presented in column F. This column shows the situation where all five variables were entered
in the same regression model. There, it appears that the effect of ease of use on users' intention
to use MaaSs was reduced in the multiple regression context—compare the coefficient of 0.18
with the multiple regression 0.01. Similarly, the effect of trust remains almost unchanged in the
full multivariate framework; however, the effect of privacy concerns changes. Before controlling
for the other factors, the effect of privacy concerns was (as expected) negative and statistically
significant. However, in column F, where trust, ease of use, secondary use of information, and
MI were controlled for, the effect flips the sign. It is now not statistically significant, which
means that when controlling for these factors, users' privacy concerns are less likely to affect
their intention to use MaasS. Lastly, while the statistical significance of the perceived risk of Ml
remains unchanged in the multiple regression model, its effect on users' intention to use Maa$S

slightly decreases while controlling all other factors.

Table 7 presents different model specifications across the same sample. In Section 4.1.3, no
clear evidence was found to show that MaaS users’ privacy concerns were related to the
services’ spatial context or the ownership of the device used to access mobility services.
However, in the quantitative stage, no participants used a bus card to access the service.

Therefore, there is no data for testing the effect of the ownership. However, differences across
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user groups were examined in terms of factors that have implications for one’s intention to

adopt Maa$S according to the effect of the spatial differences of the MaaSs. Table 7, which

focuses on the relationships of the proposed factors with the users’ intention to adopt Maas,

shows such a comparison.

Table 7. Factors that have implications for users’ intention to adopt Maa$S according to the effect of

the spatial context of the service

Parameter estimate

(standard error)

Independent All Public transport user Car user
variable
Trust .198** 179** 0.239**
(0.014) (0.16) (0.036)
Ease of use .01 .036 .045
(0.036) (0.043) (0.118)
Privacy concerns -.006 -.043 .165
(0.042) (0.05) (0.168)
Secondary use -.019 -.023 -.094
(0.03) (0.034) (0.128)
Mobility -1* -.095* -.126
information (0.039) (0.043) (0.102)
intercept 4.474** 5.495%* 2.4
(0.95) (1.152) (2.01)
R’ 0.55 0.68 0.71
N 187 154 33

Notes: The dependent variable is the user’s intention to use Maas.

Standard errors in parentheses.
*p <0.01; **p <0.001. (Two-tailed t-test, despite directional hypothesis)
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The first two columns (all and public transport users) show that, although the sample changes
across the columns, the model specification is the same. However, there are differences in the
column of car users in terms of estimated relationships. The table shows that when the model
for two different groups defined by the spatial context of the services they chose was
estimated, substantial differences appeared in the ways in which perceived risk of Ml lost its
impact on car users’ intention to use MaaS. No statistical significance was found for the impact
of privacy concerns related to the spatial context of the services. Instead, trust was the only

variable that was statistically significant for intention to use MaaS among all users.
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Chapter 5. Discussion

This chapter discusses the findings from the interviews, the quantitative analysis of this current

study, and the findings from similar studies.

In the literature review, a significant gap regarding privacy concerns related to MaaS is
identified. Two aspects are crucial: The first is related to the mobility service. The literature
suggests that the spatial context of a service (i.e., whether one travels alone in a car or travels
without distancing oneself from others through public transport) and the ownership of the
device used to access the mobility service are relevant to one’s privacy concerns. The second
aspect is related to information. The use of MaaS requires information disclosure by users. It is
widely believed that a decline in data disclosure due to privacy concerns will result in a decrease
in data quality and incompleteness of data. It is, in turn, believed that privacy concerns are not
favorable for the development of MaaS. Meanwhile, various studies have noted that trust is
more influential in some cases than privacy concerns. There is thus an indication that the role of
privacy concerns may be overstated. The results of this research indicate that there is indeed no
clear evidence to support the claim that privacy concerns among Maas users are related to the
use of mobility services; instead, the results suggest that users' privacy concerns regarding
MaaS relate to information and personal data disclosure. Surprisingly, trust, not privacy

concerns, seems to be the key to users’ intention to use Maas.

These findings roughly cover the identified gap in the privacy literature. However, so far, there
have only been a few studies that have made a similar attempt to fill this gap, for example
Rohunen and Markkulas (2019), who aimed to explore the differences in privacy concerns
between private and company users in a Maa$ pilot. Previously, Pell et al. (2012) studied road
users' acceptance of sharing their location information collection via company-owned and
private cars. None of these works found any apparent difference in privacy concerns between

user groups. Interestingly, both concluded that the fact that a large number of Maa$ users have
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no particular personal privacy concerns might be explained by trust. This study adds empirical

evidence to support that conclusion.

Another explanation of the results is the “privacy paradox phenomenon,” which refers to the
fact that users do not necessarily limit their data disclosure despite expressing concerns (for
more details, see Acquisti et al., 2015). The findings show that many Maa$S users are aware of
privacy issues, but this awareness does not necessarily affect their intention to use Maas.
Hence, the difference between the use of services and personal privacy concerns possibly
reflects the "privacy paradox phenomenon." This phenomenon may be explained by users’
expectation that they will receive better mobility services. Many interview participants
mentioned their willingness to disclose their mobility data to make such services more
convenient. This finding indicated that increasing the quality of services, such as by increasing
users' PEU, might contribute to users' willingness to allow data collection and enable the
development of open data-based services. This corresponds with Bandura (1986), who
hypothesized that PEU positively influences a person's favorable outcome expectation toward
accepting innovative technology. Although the current study failed to find evidence to support
this hypothesis, it may have been limited by the selected samples. Hence, this failure does not
mean PEU should be ignored in future research. By contrast, when trust appears to positively
influence a user's intention to use Maas, it is worth studying the interaction between PEU and
trust and how their relationship influences the user’s intention to adopt MaaS. More
specifically, the relationship between trust, PEU, and TAM should be included in the study of
Maas.

Further, the implications of privacy concerns should not be overlooked. Although there is no
evidence to prove their impact on users’ intention to use Maas$, they are worth studying from a
different perspective. For example, Li (2014) suggests studying privacy concerns by focusing on
belief systems. The different ways in which individuals perceive privacy issues and personal

privacy concerns may also have to do with the conceptualization of these issues and concerns.
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Further, different services involve different privacy issues. The observed differences between
them have important implications for developing privacy theories. Therefore, further
investigation is needed into the relationship between different privacy issues and personal

privacy concerns in contexts other than mobility data collection.

Finally, while trust appears to be the key to ensuring users’ adoption of Maas, the current study
did not examine the interrelation between trust, ease of use, and privacy concerns or how they
affect users’ intention to use MaaS. This represents an important limitation that should be

addressed.

65



Chapter 6. Conclusion

This chapter presents the conclusion of this study, along with implications and policy
suggestions. Further, the limitations are discussed, followed by recommendations for further

research.

Personal data such as that concerning travel behavior are key to the development of Maa$S
because they allow for the customization and personalization of mobility services. Hence,
service providers need to collect users' personal information, and users need to accept data
collection to enable these services. However, the ICT and data disclosure practices of Maa$S
make users vulnerable to cyber threats. Therefore, it is vital to understand whether privacy

concerns impact individuals’ willingness to use MaaS.

By exploring the underlying factors of Maa$ users' intention to use the services, this study found
that the relationship between data disclosure and users' intentions to use MaaS$ is not as
straightforward as described in existing privacy theories. Put differently, privacy concerns do not
affect the intention to use MaaS directly; instead, trust is the key determinant of users'
intention to use MaaS. These findings suggest that, while privacy concerns do have implications
for users' acceptance of service in many other studies, the broader social and cultural context in
which this occurs needs to be taken into account. In societies where the trust level is high (i.e.,
the setting of the current study, Norway), privacy concerns do not necessarily become a hurdle
to MaaS$ development. In contrast, where trust is generally low, the development of MaaS may

be at greater risk due to individuals' privacy concerns.

Thus, increasing the use of Maa$ requires lowering the barrier to accessing it. Privacy concerns
do not play much of a role in that regard. Rather, the findings of this study suggest that
enhancing the sense of trust between MaaS providers and users is the key to large-scale Maa$S

adoption. This finding has practical implications. Maa$ functions best where the internet and
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data are freely accessible. As the emerging mobility services will rely on smartphones and more
extensive data transmissions, these issues are fundamental. The findings of this study suggest
that to improve accessibility, unlimited access to the internet for all groups needs to be
established—for example, for those who may likely need to reduce data use because of cost or
data restrictions. Therefore, to lower barriers to accessing MaaS, facilitating more public
support for the data access (such as through public Wi-Fi) is suggested. Trust is the key issue in
that regard. To increase trust, measures such as offering services in different languages may be
helpful to lower the barrier for certain groups, for example, linguistic minorities. Similarly,
real-time communication through mobile applications may increase the trust in the new

mobility applications among older groups.

In summary, the current study is subject to limitations that should be addressed through future
efforts. First, the instrumental case study does not offer a clear picture of the study topic.
However, it sheds empirical light on important theoretical concepts and principles for future
work. Future research into privacy issues and Maa$S should therefore focus on establishing a
clearer and more universal picture of how privacy concerns and related constructs influence an
individual's intention to use MaaS. Further, while this case study reveals that trust is the key to a
user's intention to use MaaS, more advanced studies are required to gain more insight into the
interaction between constructs to investigate, for instance, how trust, PEU, and privacy
concerns interact. In addition, observational studies will be required to gain an understanding of
whether there are other factors associated with frequent use of MaaS. Finally, on the
methodological side, it is suggested that future researchers also use mixed methods to study
complex issues relevant to MaaS. As MaaS is emerging over time, there will also likely be a need
for further studies evaluating business models and market constellations as services and actors
evolve. In parallel, user acceptance and operator responsibilities will become essential for the
ongoing digitalization of mobility services. Therefore, this study offers valuable information for

researchers, practitioners, and policymakers to continue seeking future Maa$S development.

67



Reference

Abrahamse, W. and Steg, L. (2009). How do socio-demographic and psychological factors relate
to households’ direct and indirect energy use and savings? J. Econ. Psychol. 30(5),
711-720. https://doi.org/10.1016/j.joep.2009.05.006

Acheampong, Ransford A, and Siiba, Alhassan. (2020). Modeling the determinants of car-sharing
adoption intentions among young adults: the role of attitude, perceived benefits, travel
expectations and socio-demographic factors. Transportation (Dordrecht), 47(5),
2557-2580. https://doi.org/10.1007/s11116-019-10029-3

Acquisti, A., Brandimarte, L. and Loewenstein. G. (2015). Privacy and Human Behavior in the
Age of Information. Science 347 (6221), 509-514. DOI: 10.1126/science.aaal465

Alan O. Sykes .(1993). An Introduction to Regression Analysis. Coase-Sandor Institute for Law &
Economics Working Paper No. 20.

Allen, M. J., and Yen, W. M. (2002). Introduction to measurement theory (2nd ed.). Prospect
Heights, IL: Waveland Press.

Alyavina, E., Nikitas, A., and Tchouamou Njoya, E. (2020). Mobility as a service and sustainable
travel behaviour: A thematic analysis study. Transportation Research Part F: Traffic
Psychology and Behaviour 73, 362-381.https://doi.org/10.1016/].trf.2020.07.004

Alberto Castafieda, J., Montoso, F. J., and Luque, T. (2007). The dimensionality of customer
privacy concern on the internet. Online Information Review 31(4), 420 - 439
http://dx.doi.org/10.1108/14684520710780395

Anastasi, A., and Urbina, S. (1997). Psychological testing. Prentice Hall/Pearson Education

Arnaoutaki, K., Magoutas, B., Bothos, E., and Mentzas, G. (2019). A hybrid knowledge-based
recommender for mobility-as-a-service. In Proceedings of the 16th International Joint
Conference on e-Business and Telecommunications (ICETE 2019), 95-103. DOI:
10.5220/0007921400950103

Ajzen, |. (2002).Perceived behavior control, self-efficacy, locus of control, and the theory of
planned behavior. Journal of Applied Social Psychology, 32, 1-20

Ajzen, |. (1991). The theory of planned behavior. Organizational Behavior and Human Decision
Processes, 50(2), 179-211. _https://doi.org/10.1016/0749-5978(91)90020-T

Bandura, A. (1986). Social Foundations of Thought and Action: A Social Cognitive Theory.
Prentice Hall, Englewood Cliffs, NJ

68


https://doi.org/10.1016/j.joep.2009.05.006
https://doi.org/10.1007/s11116-019-10029-3
https://www.science.org/doi/10.1126/science.aaa1465
https://doi.org/10.1016/j.trf.2020.07.004
http://dx.doi.org/10.1108/14684520710780395
https://www.scitepress.org/Link.aspx?doi=10.5220/0007921400950103
https://www.scitepress.org/Link.aspx?doi=10.5220/0007921400950103
https://doi.org/10.1016/0749-5978(91)90020-T

Beck, K. (2020). Ensuring content validity of psychological and educational tests — the role of
experts. Frontline Learning Research, 8(6), 1-37. https://doi.org/10.14786/flr.v8i6.517

Braun, V., and Clarke, V. (2006) Using thematic analysis in psychology. Qualitative Research in
Psychology, 3(2), 77-101. https://doi.org/10.1191/14780887060p0630a

Bollen, K. A. (1989). The consequences of measurement error. Structural Equations with Latent
Variables. John Wiley & Sons, Inc., 151-178.

Bryman, A. (2006). Integrating quantitative and qualitative research: how is it done? Qualitative
Research, 6(1), 97-113. https://doi.org/10.1177/1468794106058877

Bryman, A., and Bell, E. (2011). Business Research Methods (3rd Ed). New York, NY: Oxford
University Press.

Callegati, F., Giallorenzo, S., Melis, A., and Prandini, M. (2018). Cloud-of-Things meets
Mobility-as-a-Service: An insider threat perspective. Computers & Security, 74, 277—-295.
https://doi.org/10.1016/j.cose.2017.10.00

Chen, L., Gillenson, M.L., & Sherrell, D.L. (2004). Consumer acceptance of virtual stores: a
theoretical model and critical success factors for virtual stores. Data Base, 35(2), 8-31.

10.1145/1007965.1007968

Child, D. (1990). The essentials of factor analysis. (2nd ed) Cassell Educational. New York, US.

Chondrogiannis, T., Gamper, J., Cavaliere, R., & Ohnewein, P. (2016). MoTrIS: a framework for
route planning on multimodal transportation networks. Proceedings of the 24th ACM
SIGSPATIAL International Conference on Advances in Geographic Information Systems.

Corbetta, P. (2003). Social Research. Theory, Methods and Techniques. London: Sage.

Collins, K.M.T., Onwuegbuzie, A.J., and Jiao, Q.G. (2006). Prevalence of Mixed-methods Sampling
Designs in Social Science Research. Evaluation and Research in Education, 19 (2), 83-101,
DOI: https://doi.org/10.2167/eri421.0

Cottrill, C.D., and Derrible, S., (2015). Leveraging big data for the development of transport
sustainability indicators. J. Urban Technol, 22 (1), 45-64.
https://doi.org/10.1080/10630732.2014.942094

Cottrill, C. D. (2020). MaaS surveillance: Privacy consideration in mobility as a service.
Transportation Research Part A: Policy and Practice, 131, 50-57.
https://doi.org/10.1016/j.tra.2019.09.026

69


https://doi.org/10.14786/flr.v8i6.517
https://doi.org/10.1191/1478088706qp063oa
https://doi.org/10.1177/1468794106058877
https://doi.org/10.1016/j.cose.2017.10.006
http://dx.doi.org/10.1145/1007965.1007968
https://doi.org/10.2167/eri421.0
https://doi.org/10.1080/10630732.2014.942094
https://doi.org/10.1016/j.tra.2019.09.026

Crede, E., and Borrego, M. (2013). From Ethnography to Items: A Mixed Methods Approach to
Developing a Survey to Examine Graduate Engineering Student Retention. Journal of
Mixed Methods Research, 7(1), 62—80. https://doi.org/10.1177/1558689812451792

Cristobal, E., Flavian, C., & Guinaliu, M. (2007). Perceived E-Service Quality: Measurement Vali-
dation and Effects on Consumer Satisfaction and Website Loyalty. Managing Service
Quality. An International Journal, 17(3), 317-340. DOI: 10.1108/09604520710744326

Creswell, J., and Plano Clark, V. (2018). Designing and conducting mixed methods research, (3rd
Edition). Thousand Oaks: Sage.

Crossman, A. (2020, January 29). Hypothetico-Deductive Method. Retrieved from
https://www.thoughtco.com/hypothetico-deductive-reasoning-3026351

Culnan, M. J. (1993). How Did They Get My Name? An Exploratory Investigation of Consumer
Attitudes Toward Secondary Information Use. MIS Quarterly 17(3), 341-363.
https://doi.org/10.2307/249775

Cummins, D. D. (1996). Evidence of deontic reasoning in 3-and 4-year-old children. Mem.
Cognit. 24, 823—-829.

Colak, S., Alexander, L. P, Alvim, B. G., Mehndiratta, S. R., and Gonzalez, M. C. (2015). Analyzing
cell phone location data for urban travel: current methods, limitations, and
opportunities. Transport. Res. Record: J. Transport. Res. Board 2526, 126—-135.

Datson, J. (2016). Mobility as a service: exploring the opportunity for mobility as a service in the
UK. Catapult Transport Systems, Milton Keyes, UK.

Dabholkar P. A., and Bagozzi R. P. (2002). An attitudinal model of technology-based self-service:
moderating effects of consumer traits and situational factors. Journal of the Academy of
Marketing Science 30(3), 184—-201.

Dabholkar P. A. (2002). Consumer evaluations of new technology-based self-service options: an
investigation of alternative models of service quality. International Journal of Research in
Marketing, 13(1), 29-51.

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of
information technology. MIS Quarterly 13 (3), 319-340

Davis, F.D., Bagozzi, R.P., and Warshaw P.R. (1989). User acceptance of computer technology: a
comparison of two theoretical models. Management Science, 35, 982-1002

Della Porta, D., and Keating, M.J. (Eds.). (2008). Approaches and methodologies in the social
sciences : a pluralist perspective. Cambridge University Press.

70


https://doi.org/10.1177/1558689812451792
https://www.emerald.com/insight/content/doi/10.1108/09604520710744326/full/html
https://www.thoughtco.com/hypothetico-deductive-reasoning-3026351
https://doi.org/10.2307/249775

Derek, HW.C. (2017). Factors influencing drivers’ acceptance of in-vehicle monitoring. [Master’s
thesis]. Aalto University.

DeVellis, R. F. (2016). Scale development: Theory and applications. Sage.

De Mattos, Domingues, A. C. S. A., Santos, B. P., Ramos, H. S., & Loureiro, A. A. F. (2022). The
Impact of Mobility on Location Privacy: A Perspective on Smart Mobility. /EEE Systems
Journal, 1-12. https://doi.org/10.1109/JSYST.2022.3147808

Dinev, T., and Hart, P. (2004). Internet Privacy Concerns and their Antecedents - Measurement
Validity and a Regression Model. Behaviour & Information Technology, 23(6), 413-422.
https://doi.org/10.1080/01449290410001715723

Dogbegah, R., Owusu-Manu, D., and Omoteso, K. (2011). A principal component analysis of
project management competencies for the Ghanaian construction industry. Australasian
Journal of Construction Economics and Building, 11(1). 26-40.

Dominiczak, P. (2015). Nearly one million patients could be having confidential data shared
against their wishes. The telegraph, June 5. Retrieved from
https://www.telegraph.co.uk/news/health/news/11655777/Nearly-1million-patients-co

uld-be-having-confidential-data-shared-against-their-wishes.html [ accessed, April 24,
2022]

Donath, J. (2020). 11. Privacy and Public Space. In The Social Machine.
https://covid-19.mitpress.mit.edu/pub/8icuynaf

Durham, J., Tan, B.K., and White, R. (2011). Utilizing Mixed Research Methods to Develop a
Quantitative Assessment Tool: An Example From Explosive Remnants of a War Clearance
Program. Journal of Mixed Methods Research, 5(3), 212-226.
https://doi.org/10.1177/1558689811402505

Esztergar-Kiss, D., Kerényi, T., Matrai, T. et al. (2020) Exploring the MaaS market with systematic
analysis. European Transport Research Review 12(1), 1-16.
https://doi.org/10.1186/s12544-020-00465-z

Field, A. (2009). Discovering Statistics Using SPSS. 3rd Edition, Sage Publications Ltd., London.

Fisher, R. A. (1950). Statistical Methods for Research Workers. Ed 11 (rev) Edinburgh, UK: Oliver
and Boyd

Fishbein, M., and Ajzen, I. (1975). Belief, Attitude, Intention, and Behavior: An Introduction to
Theory and Research.Reading, MA: Addison-Wesley.

71


https://doi.org/10.1109/JSYST.2022.3147808
https://doi.org/10.1080/01449290410001715723
https://www.telegraph.co.uk/news/health/news/11655777/Nearly-1million-patients-could-be-having-confidential-data-shared-against-their-wishes.html
https://www.telegraph.co.uk/news/health/news/11655777/Nearly-1million-patients-could-be-having-confidential-data-shared-against-their-wishes.html
https://covid-19.mitpress.mit.edu/pub/8icuynaf
https://doi.org/10.1177/1558689811402505
https://doi.org/10.1186/s12544-020-00465-z

Finn, R., and Wright, D. (2010). Chapter 9, Privacy and data protection con- siderations in
Privacy and emerging fields of science and technology: Towards a common framework
for privacy and ethical assessment (244779). Retrieved from
https://prescient-project.eu/prescient/inhalte/download/PRESCIENT D2.pdf

Gefen, D., Karahanna, E., and Straub D. (2003a). Trust and TAM in online shopping: an
integrated model. MIS Quarterly 27(1) , 51-90

Gefen, D., Karahanna, E., and Straub, D. (2003b). Inexperience and experience with online
stores: the importance of TAM and Trust. IEEE Transactions on Engineering Management
5(3), 307-321

Gefen, D. (2004). What makes an ERP implementation relationship worthwhile: linking trust
mechanisms and ERP usefulness. Journal of Management Information Systems 21(1),
263-288

George, D., and Mallery, P. (2003). Spss for Windows step by step: a simple guide and reference,
11.0 update (4™ Edition). Boston: Allyn and Bacon.

Gray, D.E. (2018). Doing Research in the Real World (3™ Edition). London, England: Sage
Publications.

Grabner-Kraeuter, S. (2002). The role of consumers’ trust in online-shopping. Journal of Business
Ethics 39, 43-50

Guagnano, G.A,, Stern, P.C.; and Dietz, T. (1995). Influences on attitude-behavior relationships a
natural experiment with curbside recycling. Environ. Behav. 27, 699-718.

Goran, S. (2020). Making Mobility-as-a-Service: Towards Governance Principles and Pathways.
[Ph.D. thesis]. Chalmers university of technology].

Heale, R., & Twycross, A. (2015). Validity and reliability in quantitative studies. Evidence-based
Nursing, 18(3), 66-67. http://dx.doi.org/10.1136/eb-2015-102129

Heijden, H. V. D., Verhagen, T., and Creemers, M. (2003). Understanding online purchase
intentions: Contributions from technology and trust perspectives. European Journal of
Information Systems, 12. 41-48. https://doi.org/10.1057/palgrave.ejis.3000445

Hitchcock , J. H., Sarkar, S., Nastasi, B. K., Burkholder, G., Varjas, K., and Jayasena, A. (2006).
Validating Culture and Gender-Specific Constructs. Journal of Applied School Psychology,
22(2), 13-33. https://doi.org/10.1300/J370v22n02 02’

72


https://prescient-project.eu/prescient/inhalte/download/PRESCIENT_D2.pdf
http://dx.doi.org/10.1136/eb-2015-102129
https://doi.org/10.1057/palgrave.ejis.3000445
https://doi.org/10.1300/J370v22n02_02

Hsu, C.L., and Lin, J. C.C. (2008). Acceptance of blog usage: The roles of technology acceptance,
social influence and knowledge sharing motivation. Information and Management 45,
65—74.

Hsu, C.L., and Lin, J.C.C. (2016). Effect of perceived value and social influences on mobile app
stickiness and in-app purchase intention. Technological Forecasting and Social Change,
108, 42-53. https://doi.org/10.1016/j.techfore.2016.04.012

Holden, R. J. and Karsh, B. T. (2010). The technology acceptance model: its past and its future in
health care. J Biomed Inform 43, 159-172

Horne, D. R., Norberg., P.A., and Cemal Ekin, A. (2007). Exploring Consumer Lying in
Information-based Exchanges. Journal of Consumer Marketing 24 (2), 90-99.
https://doi.org/10.1108/07363760710737094

Houser, J. (2013). Nursing Research: Reading, Using, and Creating Evidence.(2nd ed). Burlington,
MA: Jones and Bartlett Learning.

Jittrapirom, P., Marchau, V., van der Heijden, R., and Meurs, H., (2018). Future implementation
of Mobility as a Service (MaaS): Results of an international Delphi study. Travel

Behaviour and Society 21, 281-294. https://doi.org/10.1016/j.tbs.2018.12.004

Jittrapirom, P., Caiati, V., Feneri, A. M., Ebrahimigharehbaghi, S., Alonso Gonzalez, M. J., and
Narayan, J. (2017). Mobility as a service: A critical review of definitions, assessments of
schemes, and key challenges. Urban Planning 2 (2), 13-25.
https://doi.org/10.17645/up.v2i2.931.

Kamargianni, M., and Matyas, M., (2017). The business ecosystem of mobility-as-a-service. In:
Transportation Research Board. 96th Transportation Research Board (TRB) Annual
Meeting, Washington DC, 8-12 January 2017.

Kamargianni, M., Li, W., Matyas, M., and Schéfer, A. (2016). A Critical Review of New Mobility
Services for Urban Transport. Transportation Research Procedia, 14, 3294-3303.
DOI:10.1016/j.trpro.2016.05.277

Karlsson, Mukhtar-Landgren, D., Smith, G., Koglin, T., Kronsell, A., Lund, E., Sarasini, S., & Sochor,
J. (2020). Development and implementation of Mobility-as-a-Service — A qualitative
study of barriers and enabling factors. Transportation Research. Part A, Policy and
Practice, 131, 283—295. https://doi.org/10.1016/j.tra.2019.09.028

Kayhan, V.0. and Davis, C.J. (2016). Situational privacy concerns and antecedent factors. Journal
of Computer Information Systems, 56 (3), 228-237.
https://doi.org/10.1080/08874417.2016.1153913

73


https://doi.org/10.1016/j.techfore.2016.04.012
https://doi.org/10.1108/07363760710737094
https://doi.org/10.1016/j.tbs.2018.12.004
https://doi.org/10.17645/up.v2i2.931
http://dx.doi.org/10.1016/j.trpro.2016.05.277
https://doi.org/10.1016/j.tra.2019.09.028
https://doi.org/10.1080/08874417.2016.1153913

Kelley, H.H. (1982). Personal Relationships: Their Structures and Processes. Psychology Press. NY.
https://doi.org/10.4324/9780203781586

Kelley, H.H., and Thibaut, J.W. (1978). Interpersonal Relations: A Theory of Interdependence.
Wiley, New York.

Kim, H. W., Xu, Y., and Koh, J. (2004). A comparison of online trust building factors between
potential customers and repeat customers. Journal of the Association for Information
Systems, 5(10), 392-420. DOI:10.17705/1jais.00056

Kim, H. Y., Lee, J. Y., Mun, J. Y. and Johnson, K. K. (2017). Consumer adoption of smart in-store
technology: assessing the predictive value of attitude versus beliefs in the technology
acceptance model. International Journal of Fashion Design, Technology and Education 10
(1), 26-36. https://doi.org/10.1080/17543266.2016.1177737

Kim, S. and Stoel, L. (2004). Apparel Retailers Website Quality Dimensions and Satisfaction.
Journal of Retailing and Customer Services, 11(2), 109-117.
https://doi.org/10.1016/50969-6989(03)00010-9

Kissi, E., Bannor Boateng, E., Adjei-Kumi, T., and Badu, E. (2016): Principal component analysis of
challenges facing the implementation of value engineering in public projects in
developing countries. International Journal of Construction Management, 17(2),
142-150. https://doi.org/10.1080/15623599.2016.1233088

Koller, 1., Levenson, M. R., and Gllick, J. (2017). What Do You Think You Are Measuring? A
Mixed-Methods Procedure for Assessing the Content Validity of Test Items and

Theory-Based Scaling. Front. Psychol. 8(126). doi: 10.3389/fpsyg.2017.00126

Kowatsch T., and Maass, W. (2012) Critical Privacy Factors of Internet of Things Services: An
Empirical Investigation with Domain Experts. In: Rahman H., Mesquita A., Ramos .,
Pernici B. (eds.). Knowledge and Technologies in Innovative Information Systems. MCIS
2012. Lecture Notes in Business Information Processing, 129. Springer, Berlin,
Heidelberg. https://doi.org/10.1007/978-3-642-33244-9 14

Konig, D., Eckhardt, J., Aapaoja, A., Sochor, J., & Karlsson, M. (2016). Deliverable 3: Business and
operator models for MaaS. MAASIFiE project funded by CEDR.

Lawson, A.E. (2015) Hypothetico-deductive Method. In: Gunstone R. (Ed.). Encyclopedia of
Science Education. Springer, Dordrecht. https://doi.org/10.1007/978-94-007-2150-0 260

Lee, T. (2005). The impact of perceptions of interactivity on customer trust and transaction
intentions in mobile commerce. Journal of Electronic Commerce Research, 6(3), 165-180.

74


https://doi.org/10.4324/9780203781586
http://dx.doi.org/10.17705/1jais.00056
https://doi.org/10.1080/17543266.2016.1177737
https://doi.org/10.1016/S0969-6989(03)00010-9
https://doi.org/10.1080/15623599.2016.1233088
https://www.frontiersin.org/articles/10.3389/fpsyg.2017.00126/full
https://doi.org/10.1007/978-3-642-33244-9_14
https://doi.org/10.1007/978-94-007-2150-0_260

Li, Y. (2011). Empirical studies on online information privacy concerns: literature review and an
integrative framework. Communications of the Association for Information Systemes,
28(1), 453-496. https://doi.org/10.17705/1CAIS.02828

Li, Y. (2014). A Multi-level Model of Individual Information Privacy Beliefs. Electronic Commerce
Research and Applications 13 (1), 32—-44. https://doi.org/10.1016/j.elerap.2013.08.002

Li, Y. and Voege, T. (2017). Mobility as a Service (MaaS): Challenges of Implementation and
Policy Required. Journal of Transportation Technologies, 7, 95-106. doi:

10.4236/jtts.2017.72007.

Li, B., Akintoye, A., Edwards, P. J. and Hardcastle, C. (2005). Perceptions of positive and negative
factors influencing the attractiveness of PPP/PFI procurement for construction projects
in the UK: Findings from a questionnaire survey. Engineering, Construction and
Architectural Management, 12(2), 125-148.
https://doi.org/10.1108/09699980510584485

Lyons, G., Hammond, P., and Mackay, K. (2019). The importance of user perspective in the
evolution of MaaS. Transportation Research Part A: Policy and Practice 121,
22-36.https://doi.org/10.1016/j.tra.2018.12.010

Malhotra, N. K., Kim, S. S., and Agarwal, J. (2004). Internet Users' Information Privacy Concerns
(IUIPC): The Construct, the Scale, and a Causal Model. Information Systems Research,
15(4), 336-355. https://doi.org/10.1287/isre.1040.0032

Matemba, E.B and Li, G. (2018). Consumers' willingness to adopt and use WeChat wallet: An
empirical study in South Africa. Technology in Society, 53, 55-68.
https://doi.org/10.1016/j.techsoc.2017.12.001

McKnight, D.H., and Chervany, N.L. (2002). What trust means in e-commerce customer
relationships: an interdisciplinary conceptual typology. International Journal of Electronic
Commerce 6 (2), 35-72. https://doi.org/10.1080/10864415.2001.11044235

Metzger, M. J. (2007). Communication Privacy Management in Electronic Commerce. Journal of
Computer-Mediated Communication 12 (2), 335-361.
https://doi.org/10.1111/j.1083-6101.2007.00328.x

Meurs, H., Sharmeen, F., Marchau, V., and Heijden, R. V. D. (2020). Organizing integrated
services in mobility-as-a-service systems: Principles of alliance formation applied to a
MaaS-pilot in the Netherlands. Transportation Research Part A: Policy and Practice, 131.
178-195. https://doi.org/10.1016/j.tra.2019.09.036

75


https://doi.org/10.17705/1CAIS.02828
https://doi.org/10.1016/j.elerap.2013.08.002
https://doi.org/10.4236/jtts.2017.72007
https://doi.org/10.1108/09699980510584485
https://doi.org/10.1016/j.tra.2018.12.010
https://psycnet.apa.org/doi/10.1287/isre.1040.0032
https://www.sciencedirect.com/journal/technology-in-society
https://doi.org/10.1016/j.techsoc.2017.12.001
https://doi.org/10.1080/10864415.2001.11044235
https://doi.org/10.1111/j.1083-6101.2007.00328.x
https://doi.org/10.1016/j.tra.2019.09.036

Morse, J. M., Barrett, M., Mayan, M., Olson, K., & Spiers, J. (2002). Verification Strategies for
Establishing Reliability and Validity in Qualitative Research. International Journal of
Qualitative Methods, 13—22. https://doi.org/10.1177/160940690200100202

Morse J. (1991). Qualitative nursing research: a free for all? In Morse J (ed.). Qualitative Nursing
Research: A Contemporary Dialogue. 2nd ed. Newbury Park, CA: Sage, 14-22.

Nastasi, B. K., Hitchcock, J., Sarkar, S., Burkholder, G., Varjas, K., and Jayasena, A. (2007). Mixed
Methods in Intervention Research: Theory to Adaptation. Journal of Mixed Methods
Research, 1(2), 164-182. https://doi.org/10.1177/1558689806298181

Nemec Zlatolas, L., Hrgarek., L., Welzer., T, and Holbl., M. (2022). Models of Privacy and
Disclosure on Social Networking Sites: A Systematic Literature Review. Mathematics 10
(1): 146. https://doi.org/10.3390/math10010146

NESH. (2016). Guidelines for Research Ethics in the Social Science. Humanities, Law and
Theology. Oslo (1993)

Norusis M. J. (1992). SPSS for Windows. Profession Statistics, Release. Vol. 5. Chicago, IL: SPSS.

Nunnally, J.C., Bernstein, I.H., and Berge, J.M.t. (1967). Psychometric Theory. (3™ Edition).
McGraw-Hill, New York.

Neuman, W.L. (2013). Social Research Methods - Qualitative and Quantitative Approaches (7™
Edition). Edinburgh, Scotland: Pearson Education Limited

Oluwatayo, J. A. (2012). Validity and reliability issues in educational research. Journal of
Educational and Social Research, 2(2), 391-400

Ofori-Kuragu, J.K., Baiden, B.K., and Badu, E. (2015). Performance measurement tools for
Ghanaian contractors. International Journal of Construction Management, 16(1), 13-26.
https://doi.org/10.1080/15623599.2015.1115245

Osei-Kyei, R., Dansoh, A., and Ofori-Kuragu, J. K. (2014). Reasons for adopting Public-Private
Partnership (PPP) for construction projects in Ghana. Int J Constr Manag 14 (4),
227-238. https://doi.org/10.1080/15623599.2014.967925

Padyab, A. and Stahlbrost, A. (2018). Exploring the dimensions of individual privacy concerns in
relation to the Internet of Things use situations. Digital Policy, Regulation and
Governance, 20(6), 528-544. https://doi.org/10.1108/DPRG-05-2018-0023

Pallant, J. (2013). SPSS survival manual: a step-by-step guide to data analysis using IBM SPSS.
(5™ Edition). Maidenhead; McGraw-Hill.

76


https://doi.org/10.1177/160940690200100202
https://doi.org/10.1177/1558689806298181
https://doi.org/10.3390/math10010146
https://doi.org/10.1080/15623599.2015.1115245
https://doi.org/10.1080/15623599.2014.967925
https://doi.org/10.1108/DPRG-05-2018-0023

Paiva, S., Ahad, M.A., Zafar, S. et al. (2020). Privacy and security challenges in smart and
sustainable mobility. SN Appl. Sci. 2, 1175._https://doi.org/10.1007/s42452-020-2984-9

Pavlou, P. A. (2003). Consumer acceptance of electronic commerce—integrating trust and risk
with the technology acceptance model. International Journal of Electronic Commerce 7
(3), 101-134. https://doi.org/10.1080/10864415.2003.11044275

Pavlou,P. A., and Gefen, D. (2004). Building effective online marketplaces with institution-based
trust. Information Systems Research, 15 (1), 37-59. DOI: 10.1287/isre.1040.0015

Park, E., Cho, Y., Han, J., and Kwon, S.J. (2017). Comprehensive Approaches to User Acceptance
of Internet of Things in a Smart Home Environment. IEEE Internet of Things Journal 4,
2342-2350.

Pai, F. Y. and Huang, K. I. (2011). Applying the Technology Acceptance Model to the introduction
of healthcare information systems. Technol Forecast Soc Change 78, 650-660

Pell, A., Starkl, and Menrad, M. (2012). A Field Study on the Acceptance of Extended Floating
Car Data for Real-time Monitoring Traffic Conditions. 2012 IEEE International Symposium
on Sustainable Systems and Technology. 1-4. DOI: 10.1109/ISSST.2012.6227986

Phillips, D. C. (1987). Validity in Qualitative Research: Why the Worry about Warrant will Not
Wane. Education and Urban Society, 20(1), 9-24.
https://doi.org/10.1177/0013124587020001003

Poikela, M. E. (2020). Quantifying Location Privacy, in Perceived Privacy in Location-Based
Mobile System. Springer International Publishing.

Pripp A. H. (2015). Why the p-value is significant. Tidsskrift for den Norske laegeforening :
tidsskrift for praktisk medicin, ny raekke, 135(16), 1462—-1464.
https://doi.org/10.4045/tidsskr.15.0493

Reynolds C. R., Livingston, R. B., and Willson, V. (2009). Measurement and assessment in
education (2nd ed.). Upper Saddle River, NJ: Pearson.

Rohunen, A., and Markkula, J. (2019) On the road-Listening to data subjects’ personal mobility
data privacy concerns. Behavior & Information Technology 38 (5), 486-502.
https://doi.org/10.1080/0144929X.2018.1540658

Saeed, K.A., Hwang, Y., and Yi, M. Y. (2003). Toward an integrative framework for online
consumer behavior research: a meta-analysis approach. Journal of Organizational and
End User Computing (JOEUC), 15(4), 1-26. http://doi.org/10.4018/joeuc.2003100101

77


https://doi.org/10.1007/s42452-020-2984-9
https://doi.org/10.1080/10864415.2003.11044275
http://dx.doi.org/10.1287/isre.1040.0015
https://doi.org/10.1109/ISSST.2012.6227986
https://doi.org/10.1177/0013124587020001003
https://www.springerprofessional.de/en/perceived-privacy-in-location-based-mobile-system/17516568
https://www.springerprofessional.de/en/perceived-privacy-in-location-based-mobile-system/17516568
https://doi.org/10.4045/tidsskr.15.0493
https://doi.org/10.1080/0144929X.2018.1540658
http://doi.org/10.4018/joeuc.2003100101

Saunders, M., Lewis, P., and Thornhill, A. (2016). Business Research Methods (7" Edition).
London, England: Pearson Education Limited.

Schikofsky, J., Dannewald, T., & Kowald, M. (2020). Exploring motivational mechanisms behind
the intention to adopt mobility as a service (MaaS): Insights from Germany.
Transportation Research Part A: Policy and Practice, 131, 296-312.
https://doi.org/10.1016/j.tra.2019.09.022.

Smith, H.J., Milberg, S.J., and Burke, S.J. (1996). Information Privacy: Measuring Individuals'
Concerns About Organizational Practices. MIS Q. 20, 167-196.
https://doi.org/10.2307/249477

Smith, J. K. (1990). Alternative research paradigms and the problem of criteria. In Guba EG. The
Paradigm Dialog. Newbury Park, CA: Sage. 167-187.

Sochor, J., Karlsson, I. C. M., and Stromberg, H. (2016). Trying Out Mobility as a Service:
Experiences from a Field Trial and Implications for Understanding Demand.
Transportation Research Record, 2542(1), 57—-64. https://doi.org/10.3141/2542-07

Solove, D.J. (2006). A Taxonomy of Privacy. University of Pennsylvania Law Review, 154 (3), 477-
560. https://scholarship.law.upenn.edu/penn_law_review/vol154/iss3/1

Son, J. Y., & Kim, S. S. (2008). Internet Users’ Information Privacy-Protective Responses: A
Taxonomy and a Nomological Model. MIS Quarterly, 32(3), 503-529.
https://doi.org/10.2307/25148854

Stake, R. E. (1995). The art of case study research. Thousand Oaks, CA: Sage Publications, Inc.

Stevens, J.P. (1992). Applied Multivariate Statistics for the Social Sciences (2nd edition).
Hillsdale, NJ: Erlbaum.

Streiner, D. L. (2003). Starting at the Beginning: An Introduction to Coefficient Alpha and
Internal Consistency. Journal of Personality Assessment, 80(1), 99-103.
https://doi.org/10.1207/5S15327752JPA8001 18

Stewart, K. A., and Segars, A. H. (2002). An empirical examination of the concern for information
privacy instrument. Information Systems Research, 13(1), 36—49.
https://doi.org/10.1287/isre.13.1.36.97

Suh, B., and Han, I. (2002). Effect of trust on customer acceptance of internet banking.
Electronic Commerce Research and Applications, 1(3-4), 247-263.
https://doi.org/10.1016/S1567-4223(02)00017-0

78


https://doi.org/10.1016/j.tra.2019.09.022
https://doi.org/10.2307/249477
https://doi.org/10.3141/2542-07
https://doi.org/10.2307/25148854
https://doi.org/10.1207/S15327752JPA8001_18
https://psycnet.apa.org/doi/10.1287/isre.13.1.36.97
https://doi.org/10.1016/S1567-4223(02)00017-0

Szajna, B.(1996). Empirical evaluation of the revised technology acceptance model.
Management Science 42(1), 85-92. https://www.jstor.org/stable/2633017

Siricd, L., and Maslakgi, A. (2020). Validity And Reliability In Quantitative Research. BMlJ,
8(3), 2694- 2726. https://doi.org/10.15295/bmij.v8i3.1540

Taber, K.S. (2018). The Use of Cronbach’s Alpha When Developing and Reporting Research
Instruments in Science Education. Res Sci Educ, 48, 1273-1296.
https://doi.org/10.1007/s11165-016-9602-2

Taylor, S., and Todd, P.A. (1995). Understanding information technology usage: a test of
competing models. Information System Research, 6 (2),144-176

Utriainen, R., and Poéllanen, M. (2018). Review on mobility as a service in scientific publications.
Research in Transportation Business & Management 27, 15-23.
https://doi.org/10.1016/j.rtbm.2018.10.005

Van Gaal, M. (2014). ING’s plan to share customer payment data spurs privacy concerns.

ment-data-spurs-privacy- concerns#X|4y7vzkg [accessed, March 24, 2022]

Venkatesh, V. (2000). Determinants of perceived ease of use: Integrating control, intrinsic
motivation, and emotion into the technology acceptance model. Information Systems
Research 11, 342-365.

Venkatesh, V. (1999). Creation of favorable user perceptions: Exploring the role of intrinsic
motivation. MIS Quarterly 23, 239-260.

Watzdorf, S. V., Ippisch, T., Skorna, A., and Thiesse, F. (2010). The influence of provider trust on
the acceptance of mobile applications: An empirical analysis of two mobile emergency
applications. In 2010 ninth international conference on mobile business and 2010 ninth
global mobility roundtable (ICMB-GMR), 329—-336.

Webb, N. L. (2006). Identifying content for student achievement tests. In S. M. Downing and T.
M. Haladyna (Eds.). Handbook of Test Development, 155—-180. Mahwah, NJ: Lawrence
Erlbaum Associates.

Wrightsman, L.S., (1972). Interpersonal trust and attitudes toward human nature. In: Zand, D.E.
(Ed.). Trust and Managerial Problem Solving. Administrative Science Quarterly 17,
229-239.

Wau, J., and Liu, D. (2007). The effects of trust and enjoyment on intention to play online games.
Journal of Electronic Commerce Research 8, 128-140

79


https://www.jstor.org/stable/2633017
https://doi.org/10.15295/bmij.v8i3.1540
https://doi.org/10.1007/s11165-016-9602-2
https://doi.org/10.1016/j.rtbm.2018.10.005
https://www.bloomberg.com/news/articles/2014-03-10/ing-plan-to-share-customer-payment-data-spurs-privacy-concerns#xj4y7vzkg
https://www.bloomberg.com/news/articles/2014-03-10/ing-plan-to-share-customer-payment-data-spurs-privacy-concerns#xj4y7vzkg

Zhao, X. Y., Andruetto, C., Vaddadi, B and Pernestal, A. (2021).Potential values of maas impacts
in future scenarios. Journal of Urban Mobility, 1. 1-11.
https://doi.org/10.1016/j.urbmob.2021.100005

Zhao, X. Y., Vaddadi, B., Sjoman, M., Hesselgren, M., and Pernestal, A. (2020). Key barriers in
MaaS development and implementation: Lessons learned from testing Corporate MaaS
(CMaaS). Transportation Research Interdisciplinary Perspectives 8, 100227.
https://doi.org/10.1016/].trip.2020.100227

Zhao, F., Pereira, F. C., Ball, R., Kim, Y., Han, Y., Zegras, C., & Ben-Akiva, M. (2015). Exploratory
Analysis of a Smartphone-Based Travel Survey in Singapore. Transportation Research
Record, 2494(1), 45-56. https://doi.org/10.3141/2494-06

Zhou, T. (2011). The impact of privacy concern on user adoption of location-based services. Ind.
Industrial Management + Data Systems, 111(2), 212-226.
DOI:10.1108/02635571111115146

80


https://doi.org/10.1016/j.urbmob.2021.100005
https://doi.org/10.1016/j.trip.2020.100227
https://doi.org/10.3141/2494-06
https://doi.org/10.1108/0
http://dx.doi.org/10.1108/02635571111115146

Appendices

Appendix A. Tables mentioned in the text

Table A. Demographics information of interview participants (N=47)

EV owner Shared car Bus
Age (no.) 60 - 69 1 0 0
50-59 4 0 0
40-49 4 4 1
30-39 1 4 8
20-29 0 2 18
Gender Male 8 8 9
Female 2 2 18
Civil Status Single 2 2 17
Partner 8 8 6
Other 0 0 4
Education Ph.D 2 2 1
Master 6 4 8
Bachelor 0 3 11
High 1 1 7
School
IT competence Yes 3 5 2
No 7 5 25
CLICK HERE to to back to the text CLICK HERE to List of Tables
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Table B1. Demographic characteristics of survey participants (N=187)

Age n (%) Education n (%)
20-29 116 (62%) High school 9 (4.8%)
30-39 47 (25.1%) Post graduated (MSc /MPhil) 82 (43.9%)
40-49 18 (9.6%) PhD 91(48.7%)
50-59 5(2.7%) Vocational training 5(2.7%)
60-69 1(0.5%)

Gender n (%) Use of Public transport n (%)
Male 105 (56.1%) Yes 154 (82.4%)
Female 82 (43.9 %) No 33(17.6%)

Note. N=187 (n (%) = the number and percentage of participants that choose each alternative to

this question)

CLICK HERE to back to the text CLICK HERE to List of Tables
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Table B2 . Descriptive statistics of independent variables

Independent variable N Mean Median Max Min SD

Ease of use 187 5.49 6 7 1 1.246
Trust 187 4.05 5 7 1 1.37
Privacy concerns 187 5.29 5 7 1 1,247
Secondary use 187 6.2 7 7 1 1.32
Mobility information 187 5.07 5 7 1 1.486
CLICK HERE to back to the text CLICK HERE to List of Tables

The statistical results of the measurements of each concept (i.e., frequency and percentage) are

present in Figures 5- 11.

As mentioned earlier, each concept is measured by 3-4 items. For example, the result of the

measurements of Ease of use are present in Figure 5.

The concept of Trust is measured in three distinctive scenarios, which measure users' trust in
three different service providers- Tesla (electric car company), Hyre(share-car service provider),
and Kolumbus (public transport operator). Accordingly, the results of the measurements of

"trust" in each scenario are presented in Figures 6 -8.

Figure 9 presents the result of the measurements of Privacy concerns. The statistical result of
the measurements for the concept of Perceived risk of mobility information and Perceived risk of

secondary use of information are presented in Figures 10 and 11, respectively.
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Figure 5. Measurement of the concept “ ease of use” across the entire sample.

THE MEASURES OF THE INDEPENDENT VARIABLE- PERCEIVED EASE OF USE
PEU1: Using such apps/interface does not take a lot of efforts.
PEU2: These apps/ interfaces are easy to use.

PEU3: The instructions to use such apps/interfaces, are in general clear.
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Figure 6. Measurement of the concept of “ trust ” across the entire sample in scenario 1.

THE MEASURES OF THE INDEPENDENT VARIABLE " TRUST"( SCENARIO 1)
TUI: Tesla is trust worthy in handling its consumers information.
TUZ2: | trust that Tesla takes measures to protect the information provided by consumers.

TU3: I trust that Tesla devotes time and effort to prevent unauthorised access to personal information
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Figure 7. Measurement of the concept of “ trust ” across the entire sample in scenario 2.

THE MEASURES OF THE INDEPENDENT VARIABLE " TRUST"( SCENARIO 2)
TUI: Hyre is trust worthy in handling its consumers information.
TU2: | trust that Hyre takes measures to protect the information provided by consumers.

TU3: | trust that Hyre devotes time and effort to prevent unauthorised access to personal information
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Figure 8. Measurement of the concept of “ trust ” across the entire sample in scenario 3.

THE MEASURES OF THE INDEPENDENT VAIRABLE OF " TRUST"( SCENARIOQ 3)
TUI: Kolumbus is trust worthy in handling its consumers information.
TU2: I trust that Kolumbus takes measures to protect the information provided by consumers.

TU3: | trust that Kolumbus devotes time and effort to prevent unauthorised access to personal information
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Figure 9. Measurement of the concept of “privacy concerns” across the entire sample.

THE MEASURES OF THE INDEPEDENT VARIABLE OF "PRIVACY CONCERNS"
PCsl: There may be privacy risks involved in using MaaS.
PCs2: Accessing Maa$S expose you to privacy risk.

PCs3: Maa$S involves a lase of privacy
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Figure 10. Measurement of the concept of “ perceived risk of mobility information” across the entire sample.

THE MEASURES OF IDEPENDENT VARIABLE " PERCEVIED RISK OF MOBILITY INFORMATION"

MI1: In general , it is risky to provide location information ta smart mobility service provider

MI2: There is much uncertainty associated with giving location information to a service provider, as user has no control over what the information is used for.

MI3: There is potential lose involved with providing location information ( i.e., the likelihood of data leakage is high because of multiple-use)
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Figure 11. Measurement of the concept of “secondary use of information” across the entire sample.

THE MEASURES OF "SECONDARY USE OF INFORMATION"

SU1: The service provider must not use the user's personal information for any other purposes unless it has been authorised by the personal who provided the information

SU2: The service provider must not use the user's personal information for any other purposes at all.

SU3: The service provider should not share the user's personal information with other companies unless it has been authorised by the individual who provide the information

8SU4: The service provider must not share the user's personal informaiton in the database with any other company
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Table C. Questionnaire items used to measure constructs

Constructs

Descriptions

Perceived ease of use (Park

et al, 2017)

PEU1: When using MaaS mobility does not require significant mental effort.
PEU2: MaaS mobility service is easy to use

PEU3: Using MaaS mobility is understandable and clear.

Perceived privacy concerns

(Hsu and Lin 2016)

PC1. There is a considerable privacy risk involved in using MaaS mobility service
PC2: My decision to access “MaaS mobility service” exposes me to privacy risk.

PC3: Using Maa$S mobility services would lead to a loss of privacy.

Secondary use of personal
information (Stewart and

Segard, 2002)

SU1: Service provider cannot use personal information for other purpose unless it has been

authorized by the users providing personal information

SU2: When a user provides personal information to a service provider for some reason, the

service provider cannot use the information for any other purposes.
SU3: Service provider should not sell personal information in the database to other companies

SU4: Service provider should not share personal information with other companies unless it has

been authorized by the users providing personal information

Trust (Lee, 2005) and
(Pavlo, 2003)

TU1: This service provider is trustworthy in handling the information.

TU2: This service provider keeps its promises related to protecting the information provided by

me.

TU3: This service provider keeps users’ interest in mind when dealing with information.

Perceived risk of mobility
information (adapted from

Pavlou and Gefen, 2004)

MI1: In general, it is risky to provide location information to MaaS mobility providers.

MI2: There will be much uncertainty associated with giving mobility information to service

providers.

MI3: There is a potential loss associated with providing personal information to service providers.

Intention to use (adapted

from Lee, 2005)

IU1: I am willing to use this smart mobility service
IU2: 1 am willing to provide my personal information to the service provider

1U3: | will recommend this service provider to others

CLICK HERE to back to_text CLICK HERE to List of Tables
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Table D. Responses related to Privacy concerns

Theme |Responses
o Data breaching. It can be problematic because you have no idea what people are (is)
[
S |eoing to use this information for [P1].
(=]
2]
‘g Telephone, address, etc (.) is public knowledge in Norway. So, no big risk. But there is a
g risk when it comes to driving history, driving behaviour (behavior), etc... This data can be
W
E sold and used in a big-data setting to profile me as a user[P3].
(=S

Aggregate information, unclear of the purpose of us these data, data storage is also

unclear [P5].

Data misuse. You have full control over what the data will be used for[P6].

Well.it can be exposed to many things. Data breaching[P8].

| have nothing to hide, Google gathers more data[P9]!

Don’t like it, no one can guarantee my privacy and how secure my info [P9].

Some things (something) are (are) not possible to avoid, but | don't like sharing anything

unneccesary (unnecessary) [P10].

Five out of ten respondents (Tesla owners) express their privacy concerns about personal
information collected by Tesla [P1, 3,5, 6, 7, 10]. One respondent means he has “a bit”
privacy concern [P4].

Two Tesla owners mean they don’t have privacy concerns [P2, 8].

One says, “It’s fine to share general info like mail (mail), age, per day running costs but

not my location and browsing history [P9].”

One says “This profile can (and will) be sold. (Like Google and Facebook do). In norway
(Norway) it will probably not affect me personally that much, but in general this

knowledge can be used to make my life more difficult in the long run [P3]. “

92




Five out of ten respondents (Tesla owners) mean their privacy concerns of personal
information override their personal interest to use the service [P1, 2, 5, 7, 9]. Four

respondents indicate[P6] “sometimes” while one indicates “maybe[4]”.

The responses that point out perceived privacy risk in relation to personal data, all
respondents indicate certain levels of privacy concerns. One point out “Hacking and loss
of personal information[P13] “; “Data abuse, traceability (refers to personal information
e.g., telephone, address, driving history, browser history, etc.) [P14]”; “Data breaching
and uncertainty about the purpose of using the data. [P16]”; “It varies by the type of
information. Couldn't care less about my address, but | try not to share driving history,
browser data, etc.[P18] “; “Risk of id (identity) theft [P19] “; and “( There is) Medium to

high risk in relation to my personal information [P20].”

Four out of ten respondents (shared car users) express privacy concerns in relation to
personal data collected by shared-car company- “( There is) Medium to high risk in
relation to my personal information[P20]”; “Well, Yes, | do have ( refers to personal
information e.g., telephone, address, driving history, browser history, etc.) because it is
stored in the system and God knows who will misuse it [P14] “; “Yes (privacy concern )
refers to personal information e.g., telephone, address, driving history, browser history,

etc.). For example, | don’t want people to know where | am [P16]".

Four out of ten respondents (shared users) mean their privacy concerns of personal
information override their personal interest to use the service [ P11, 15, 16, 19], while
two means it may sometimes be like that[ P17, 18]. Four respondents indicate their
personal interest overrides privacy concerns, one of them states that “Yes, it still does
(refers to personal interest overriding privacy concerns). But it would be important not to

provide so much privacy information[P14].”
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There are bus users indicate perceived privacy concerns in relation to their personal
information, for example “ The sum of information [P21]”, ” Don't like being too much
controlled [P22]”, “l am fine with sharing my personal details except bank card details and
browser history [P23]”, “data breaching [P24]”, “aggregate information, data leakage
[P25]”, “they already have a lot of my info so it’s too late to worry now [P27]”, “ Hiker (
hacker) [P28]”, “Personal data (refers to the type of information participants has privacy
concerns about) [P31]”, “Adress (address), driving history, browser history (refers to the
type of information participants has privacy concerns about)[P33]”, “Telephone and

address (refer to the type of information participants has privacy concerns about) )[P35].”

eleven out of twenty-seven respondents (bus users) indicate that they do have privacy
concerns over personal information collected by Kolumbus. While there are twelve
respondents, they do not have privacy concerns over this information. One indicates
“Some (refers to having privacy concerns in regarding to personal information such as
telephone, address, driving history, browser history, etc.) [ P22]”, “Yes. | have privacy
concerns regarding my bank details and browser history [P23]”, “yes, | don't want others
to know this information (refers to personal information such as telephone, address,
driving history, browser history, etc.) [P24]”, “yes, | don't want them to be misused
(“them” refers to personal information such as telephone, address, driving history,

browser history, etc.) [P25]”, “There is nothing you can do about this in the future, cloud

connected world.) [P46]”,

Nine out of twenty-five respondents (bus users) mean their privacy concerns of personal
information override their personal interest to use the service [ P23-25, P31, P35-37,

P43,44], while one indicates maybe [P45].

Note. Responses from Tesla owners are high-lighted in orange, shared car users in blue while

bus users in green (same as Table E.-1.)

[ P number] refers to the interview participant's number in Table J
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Table E. Responses related to Perceived risk of secondary use of information

Theme

Responses

Secondary use of information

Eight out of ten Tesla owners mean that they do mind that Tesla uses consumer’s
information for other purposes than original ones. [ P1, 2, 3,4, 5, 7,9, 10]. Two says it
depends on the purpose to use gathered information [ P1,7]. One of them says “Yes, it
depends. If they use it to improve service, it’s ok (O.K.). However, the commercial
purpose is considered as not acceptable [ P1] “ The other one says “Yes, | Do. However,

they will do that for business purposes [ P7].”

There is one respondent (Tesla owner) express “Depends how, Again- Google gather

much more (!) [ P8]”

One respondent indicates he doesn’t mind “Not really. They do that anyway” [ P6]

Seven out of seven shared car users indicate they do mind if Hyre (the shared car

company) uses personal information for other purposes than the original one[ P11-20].

Yes, | do (refers to using personal information for other purposes than the original one) .

It is important that they use it based on the contract [P14].

Nineteen out of twenty-seven bus users indicate that they do mind if Kolumbus uses
personal information for other purposes than the original one [ P21-28, 31-35, 41, 42, 46,
47].

It depends. | should be informed [P34],

Fine (refers to use personal information for other purposes) with the exception my bank

information and browser history [P23]

Well, | hope not. But it depends, if it is used for creating (creating) good things, it's ok.

But they use it to make money; | won't like it [P24].

They'd better ask for consent in advance [P25].
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| don't like that idea (refers to use personal information for other purposes) [P33]

that will be not fine [P46]
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Table F. Responses related to Ease of use

Theme |Responses
© | think it is a car with many benefits. For example, it doesn't use a combustion engine. In
73]
% this sense, it's easier to repair and maintain. [P5]
o
R It’s cheap to drive, easy to maintain. Price is accetable (acceptable). [P6]

Very useful car. It's more than just a car. It enables the driving to reach the other level.

[P1]

It is VERY comfortable to drive! And cheap to drive! [P3]

Eight out of ten Tesla owners think that by sharing their information, using their Tesla
becomes more convenient [P 1, 2, 3, 5, 6, 7, 8, 9]. One of them has less certainty about it
[P9]. Two points out by sharing their information, using their Tesla may become more

convenient [P1, 5].

(It is) Less work to maintain the car. [P1]

Convenient, like to drive (it is convenient to drive), low cost. [P2]

All responses from shared car users indicate a good impression of this service. For

example, Good [ P11].

Not very user friendly (user-friendly) registration through invitation link, but very easy

once registered [P12]!

All good. Once | didn't manage to start the lease. But then | received a refund[P13].

The service is simple, easy to use, but when finishing the car hiring, it was not quite clear
how to complete /stop the hiring fully. | had to call the Hyre call center to help me fully
stop the hiring[P14].

Easy and convenient [P15].
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It's good, but not convenient. The registration takes time. The travel distance is somehow

(somehow) limited [P16].

Easy to use, cheap [P17].

Quick setup, clean car, easy to use [P18]!

It is good and affordable [P19].

Very good[P20].

Eight out of ten shared car users think sharing if their information makes this service easy
touse [P 11, 12, 13, 15, 16, 17,18, 20], while two of them are not sure[P19], one doesn’t
think so[P14]. One indicates “I understand why there is a requirement of uploading the

drivers’ licence (license) [P12].”

Eight out of nine shared car users think by sharing personal information, this service can
become more convenient/effective [P11, 12, 13, 14, 16, 17, 18, 20]. One of them states
“Once provided these personal data, next you don’t have to because you are registered.
It can be time saving [ P14].” One respondent indicates no, while one indicates “not sure

[ P19]”

| have no car. It is good that we can use them for various purposes (e.g., traveling)

without having to be bound to public transport [P14].

Convenience [P15]

It's cheaper to drive, relatively convenient since | don't have to maintain the cars [ P16].

Just like that it is an option and cheaper than taxi [P19]

Convenient and good [P25].

Twenty-one out of twenty-six bus users think share of information contribute make this
service ease of use [P21-25,27,28,31-34, 40-47], one bus users indicate “Probably (refers
to sharing personal data make this service ease of use), since the service provider can

use it to improve the services[P24].”
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Two bus users mean they are not sure [P29, 30]. One says “maybe[P29] “while four don’t

think so[P26, 35, 38,39].
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Table G. Response related to Trust

Theme

Responses

Trust of service provider

Three out of ten Tesla owners mean they trust their electric car company can handle

consumer’s information well [P3, 8, 9].

Yes. For sure they have the capacity to do that quite well since the stock value and

business is what they care about. That is capitalism! [P3]

Six out of ten Tesla owners indicate they do not trust the service provider. However,
one of them has an ambiguous attitude: “Not sure. But a big company like Tesla

supposedly has good enough resources and strategy to protect their data base. “[P 6]

Five out of ten shared-car users mean they trust the Hyre can handle consumer’s
information well. However, one of them says “I think they can...but everyone can be

hacked [ P19].

17 out of 26 bus users mean they trust Kolumbus can handle consumer’s information
well, and one of them says “I think so, since it’s operated in Norway, | think all

companies in Norway are trustworthy because they have to follow the law [P 24].”

The remaining nine respondents express their trust in Kolumbus in a more subtle
manner. One of them says “l hope so[P22]", “litt (English: little) [P26]”,” IDK( | don’t
know)[P27]”,” Kind of [P28]”, “l am not sure)[P31]”, and “Maybe [P35]".
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Table H. Response related to Perceived risk of mobility information

Theme

Responses

Perceived risk of mobility Information

Seven out of ten Tesla owners mean they do mind if there are others who know about

their location information [ P1, 3- 7, 9, 10].

Seven out of ten shared car users mean they do mind if there are others know about
their location information [P13, 14, 16-20], while one respondent means “(It) Depends
(depends) on who- | share my location with friends and family all the time [P12].”

There are two respondents meaning they don’t mind [P11, 15].

One of the shared car users says “Yes. For example, | don’t want people know where |
am [ P16]” while he described his privacy concern in relation to personal information

collected by Hyre (the shared car company)

Eighteen out of twenty-seven bus users mean they do mind if there are others who
know about their location information. One says “yes. It can be a problem [P24] “, “Yes,
| don’t like that [P33]”, “It could be dangerous but if it is with a public authority and
secured, | do not have such concerns [P45] ”, “ Never, that’s bad! [ P46]”. In contrast,

there are three bus users clearly indicate they don’t mind [ P23, P30, P43]
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Table I. Response related to Intention to use Maas service

Theme

Responses

Intention to use

All respondents (Tesla owners) express their intention to use electric cars by

recommending it to their friends. [P1-10]

After asking a set of questions about privacy concerns, five out of eleven Tesla owners
mean their personal interests of using electric cars override their privacy concerns in

regarding the personal information privacy. [P3, 4, 6, 8,10]

Eight out of ten respondents (shared car users) express that they have intention to

continue using this service [P 11-16, 19, 20]

After asking a set of questions about privacy concerns, six out of nine respondents
mean their personal interests to use shared car service override their privacy concerns

in regards to the personal information privacy [P12-14, 17,18, 20].

All respondents in this group express their intention to continue using this service.

After asked a set of questions about privacy concerns, sixteen out of twenty-five
respondents (bus users) mean their personal interests override of using bus override
their privacy concerns in regarding to the personal information privacy [P21, 22, 26-30,

33, 34, 38-42, 46, 47].
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Table J. Demographic information of interview participants in detail

Participant Age Gender Sivil Education IT
competence

EV P1 50-59 Male Partner Master No
owner P2 50-59 Male Single High school No
P3 40-49 Male Partner Master Yes

P4 60-69 Male Partner Master No

P5 50-59 Male Partner Master No

P6 50-59 Female Partner Ph.D No

P7 40-49 Female Partner Master No

P8 40-49 Male Partner Ph.D No

P9 30-39 Male Single Master Yes

P10 40-49 Male Partner High school Yes

Shared P11 20-29 Male Partner Bachelor Yes
car P12 20-29 Female Partner Bachelor No
P13 30-39 Male Single Master No

P14 30-39 Male Single Ph.D No

P15 40-49 Male Partner Ph.D No

P16 40-49 Female Partner Master No

P17 30-39 Male Partner Master Yes

P18 30-39 Male Single Master Yes

P19 40-49 Male Partner Bachelor Yes
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P20 40-49 Male Partner High school Yes
Bus P21 20-29 Male Single Master No
P22 20-29 Male Partner Bachelor No
P23 20-29 Male Single Master Yes
P24 40-49 Male Single Master No
P25 30-39 Female Single Bachelor No
P26 20-29 Female Single Bachelor No
P27 20-29 Male Other Bachelor No
P28 30-39 Female Single Master No
P29 20-29 Female Other High school No
P30 20-29 Female Single High school No
P31 30-39 Female Single Master No
P32 20-29 Female Single Bachelor No
P33 20-29 Female Single High school No
P34 20-29 Female Other Bachelor No
P35 30-39 Female Other Master No
P36 20-29 Female Single High school No
P37 20-29 Female Single High school No
P38 20-29 Female Partner Bachelor No
P39 20-29 Male Partner High school No
P40 30-39 Female Single Bachelor No
P41 20-29 Female Partner Bachelor No
P42 20-29 Female Partner Bachelor No
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P43

P44

P45

P46

P47

20-29

20-29

30-39

30-39

30-39

Female

Female

Male

Male

Male

Single
Single
Partner
Single

Single

High school No

Master No

Ph.D No
Master Yes
Bachelor No
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Table K1. Scale analysis Trust

1st factor
Kolumbus ( public transport operator) is trustworthy in handling the information. 0.657
Kolumbus ( public transport operator) keeps its promises related to protecting
the information provided by me. 0.685
Kolumbus ( public transport operator) keeps users’ interest in mind when dealing 0.752
with information.
Hyre ( car-sharing company) is trustworthy in handling the information. 0.818
Hyre (car-sharing company) keeps its promises related to protecting the 0.884
information provided by me.
Hyre (car-sharing company) keeps users’ interest in mind when dealing with 0.867
information.
Tesla ( electric car company) is trustworthy in handling the information 0.802
Tesla ( electric car company) keeps its promises related to protecting the 0.833
information provided by me.
Tesla ( electric car company) keeps users’ interest in mind when dealing with 0.761
information.
Eigenvalue 5.585
R’ 0.62
N 187
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Table K2. Scale analysis Ease of use

1st factor
When using MaaS mobility does not require significant mental effort. 0.899
MaaS mobility service is easy to use. 0.93
Using MaaS mobility is understandable and clear. 0.879
Eigenvalue 2.447
R’ 0.81
N 187
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Table K3. Scale analysis Privacy concerns

1st factor
There is a considerable privacy risk involved in using MaaS mobility service 0.897
My decision to access “MaaS mobility service” exposes me to privacy risk. 0.94
Using Maa$S mobility services would lead to a loss of privacy. 0.878
Eigenvalue 2.45
R’ 0.81
N 187
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Table K4. Scale analysis Perceived risk of secondary use of information

1st factor
Maas service provider cannot use personal information for other purpose unless 0.834
it has been authorized by the users providing personal information
When a user provides personal information to a MaaS service provider for some 0.848
reasons, the service provider cannot use the information for any other purposes.
Maas service providers should not sell personal information in the database to 0.865
other companies.
Maas service providers should not share personal information with other 0.868
companies unless it has been authorized by the users providing personal
information.
Eigenvalue 2.91
R? 0.72
N 187
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Table K5. Scale analysis Perceived risk of mobility information

1st factor

In general, it is risky to provide mobility information to MaaS mobility providers. 0.897
There will be much uncertainty associated with giving mobility information to 0.94
service providers.

There is a potential loss associated with providing mobility information to service 0.878
providers

Eigenvalue 2.45
R’ 0.81
N 187
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Appendix B. Interview guideline

1. Interview guideline for EV owner

It is a survey for a master thesis (UiS). THREE parts of this survey: the first part is general
information about you; The second part is about your experience of using an electric car. The
last part is about your privacy concerns about your personal information collected by the car
company. All in all, these questions won't take you more than 10 minutes!

Part 1. Demography

Age
0 OUnder 19 0E@20-29 aa (0a40-49 [0HE50-59 [0E60-69 [OHEAbove
30-39 69
Gender
A0male 0@ female
Sivil status
ASingle (you live alone) & Partner (you live with someone) A Other

Education level (the highest level that you are completed)

UHHigh school  OHRUniversity 0H Postgraduate 0EAPh.D. OAOthers
(bachelor) (master)

Do you have expertise in the IT industry?
A 0Ovyes 08 NO
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Part 2. Your experiences of using EV

In this part, | would like to know your using experience of EV.

U o o

Why do you purchase an electric car?
How often do you use it?

How did you get to know electric cars?
What is your first impression of your EV?
Do you like it?

Will you recommend it to your friends?

Part3. The information you gave to the car company

When you have EV, you establish a personal profile which contains certain personal information.

© N o U bk

9.

Do you think your sharing of these data makes using your electric car easier?

Do you think by sharing your information, using your electric car will become more
convenient?

What is your perceived risk in relation to your personal information? (e.g., your
telephone, address, driving history, browser history, etc.)

Do you have privacy concerns about this information?

What is your personal interest/need in using an electric car?

Does your personal interest override your privacy concerns?

Do you trust your electric car company can handle consumer's information well?
Do you mind if the car company uses your personal information for other purposes than
the original one?

Do you mind if there are others who know about your location information?

10. Last but not least, do you have any suggestions about this survey?

Thanks for your participation!
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Il. Interview guideline for Shared-car users

aajonapark

bus og Innav
FEALe bildeling

It is a survey for a master thesis (UiS). THREE parts of this survey: the first part is general
information about you; The second part is about your experience of using an electric car. The
last part is about your privacy concerns about your personal information collected by the car
company. All in all, these questions won't take you more than 10 minutes!

Part 1. Demography

Age
oM/ 0E20-29 0H30-39 0E40-49 0E50-59 0HE60-69 UOE Above
Underl19 69
Gender

A0male O&female

Sivil status

UHESingle (you live alone) UH Partner (you live with 0H Other
someone)

Education level (the highest level that you are completed)
0@ High school [OHAUniversity [0& Postgraduate 0EaPh.D. OAOthers

(bachelor) (master)

Do you have expertise in the IT industry?
Hd Ovyes 0B NO
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Part 2. Your experiences of using shared-car service

In this part, | would like to know your using experience of using shared-car service

How often do you use shared-car service?

What do you use shared-car service for?

How did you get started in using this service?
What is your first impression of using this service?

Do you like this idea of shared-car service?

S A T i

Will you continue to use it?

Part3. The information you gave to the car company
When you use the shared-car service, you give "Hyre" (the shared-car company) some personal

information. | would like to know whether you have privacy concerns over personal information.

7. Do you think your sharing of these data makes this service easier to use?

8. Do you think by sharing your information, this service can become more convenient/
effective?

9. What is your perceived risk in relation to your personal information? (e.g., your
telephone, address, driving history, browser history, etc.)

10. Do you have privacy concerns about personal information?

11. What is your personal interest/need in using shared-car service?
12. Does your personal interest override your privacy?

13. Do you trust “Hyre” can handle consumer's information well?

14. Do you mind if Hyre uses your personal information for other purposes than the original
one?

15. Do you mind if there are others who know about your location information?

16. Last but not least, do you have any suggestions about this survey?
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Thanks for your participation!
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lll. Interview guideline for public transport users

It is a survey for a master thesis (UiS). THREE parts of this survey: the first part is general
information about you; The second part is about your experience of using collective transport.
The last part is about your privacy concerns about your personal information collected by the
shared-car service provider. All in all, these questions won't take you more than 10 minutes!

Part 1. Demography

Age

oQ 0[@20-29 0H30-39 0E40-49 0E50-59 0E60-69 0E Above
Under19 69
Gender

A0male 0B female

Sivil status

0HESingle (you live alone) [OHE Partner (you live with [0HEOther
someone)

Education level (the highest level that you are completed)
A High school [OHA University (A Postgraduate 0EAPh.D. OAOthers

(bachelor) (master)

Do you have expertise in the IT industry?
A 0OYeS 08 NO
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Part 2. Your experiences of using collective transport

In this part, | would like to know your experience of collective transport.

1. What do you use to access collective service?

adoe 0d& Bus O0EBoth OOE | used to use bus card, but | am usinganapp  UOA Others
APP card now

How often do you use collective transport (i.e., bus, ferry, train)?
What do you use collective transport service for?

How did you get started in using this service?

What is your first impression of using this service?

Do you like this idea of collective transport?

No ukwnN

Will you continue to use it?

Part3. The information you gave to the Kolumbus (service provider)
When you use the collective transport, you give "Kolumbus" (the collective transport operator)
some personal information. | would like to know whether you have privacy concerns over
personal information.

8. Do you think your sharing of these data makes this service easier to use?

9. Do you think by sharing your information, this service can become more convenient/
effective?

10. What is your perceived risk in relation to your personal information? (e.g., your telephone,
address, driving history, browser history, etc.)

11. Do you have privacy concerns about personal information?

12. What is your personal interest/need in using collective transport?

13. Does your personal interest override your privacy?

14. Do you trust that Kolumbus can handle consumer's information well?

15. Do you mind if Kolumbus uses your personal information for other purposes than the
original one?

16. Do you mind if there are others who know about your location information?

17. Last but not least, do you have any suggestions about this survey?

117



Thanks for your participation!
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Appendix C. Questionnaire

Smart mobility

Thank you for taking part in this survey. This survey looks at Smart Mobility and privacy.

Mobility services such as buses, shared-car, and electric cars offer real-time information, which enables
users to reduce time spent traveling or avoid unnecessary travel (e.g. by providing real-time information
of the traffic situation or of the next and fastest public transport connection). When you use these
services, the service providers also collect information about you. I'd love to hear from you about what
you think about information privacy. This survey is part of my master thesis project at the University of
Stavanger. The questionnaire should only take you 10 minutes, and your responses are completely
anonymous.

This survey consists of 4 parts. The first part contains demographic questions about you, followed by
questions about "ease of use" of smart mobility in the second part. Further, the third part is a set of
guestions about your attitude towards smart mobility services in hypothetical scenarios. Here, we also
investigate your trust in companies on how they handle personal information. Last but not least, the
fourth part is about the perceived privacy risk of these services.

You are welcome to leave comments at the end of this survey.

We appreciate your input!
Part 1. Basic demographic and mobility data
1. Age

O under 19

0O 19-29

O 30-39

O 40-49

O 50-59

O 60-69

O 70-79

O 79+
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2. Gender
O male
O female

3. Highest level of educational attainment
O High school

O Undergraduate ( Bsc)

O Postgraduate (Msc / Mphil)

O PhD

O Vocational training

4. Which program are you studying in?
O Science in city and regional planning
O Energy, environment and society
O Both
O Others

1.1 Use of Public Transport

5. Do you use public transport (e.g., bus, ferry, train)
O yes

O no

Thanks for the information mentioned above. Part 1. is finished.
Part 2. starts with photos of some interface to access different mobility service,
The focus is on how you feel to use these apps/interfaces.
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Part 2. Use of Smart Mobility Tools

There are many smart mobility services that can be accessed via mobile apps, as shown in the figure
below.

Purchase bus tickets

Tickets Choose Pay

Car-sharing apps

SEAT Ateca

e [Re—— © Bompasseringer
© Drivstoff brukt

© Kilometer kjort

WAS BRLEN LAS OPPBILEN

220 >

Bilene er umiddelbart
tilgjengelig, og lases opp
med mobilen

Touch screens to operate cars
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2.1 Ease of use

To which extent do you agree with the following description?

1. Using such an app/interface does not take a lot of effort.
2. These apps /interfaces are easy to use.
3. Theinstructions to use such an app are, in general, clear.

Part 3. Use of Smart Mobility Services.

This section is composed of THREE sub-sections. All sections contain scenarios. The first section is about

a scenario of having an electric car. Sub-section two is about the use of a car from a car-sharing company,
and sub-section three is about using bus/collective transport. Each subsection first introduces you to the
service provider’s collection of personal information. You are then asked about your view of how service

providers handle personal information. The final part asks you about your intention to use the respective
mobility service.

3.1. EV owner
The electric car companies collect consumers' mobility information from various channels. For example,
online information such as users' browser history, the use history of the car, use of energy products, and
even events that one attends. According to companies like Tesla, data processing is partly for business
development and partly to offer customized services. Information about individuals may be stored and
processed in any country where Tesla has facilities or in which they engage service providers. Those
countries may not have the same data protection laws as those in which the object initially provided that
information. On that account, Tesla has an internal privacy policy. They assure that its adherence to the
legal framework in different countries. In Norway, all personal information is treated and stored under
the General Data Protection Regulation (abbreviation: GDPR; Norwegian: personopplysningsvern).
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3. 1. 1. Handling information
To which extent do you agree with the following description?

4. Tesla is trustworthy in handling its consumers’ information.
5. | trust that Tesla takes measures to protect the information provided by consumers.
6. |trust that Tesla devotes time and effort to prevent unauthorized access to personal information.

7. Inhow far is your previous choice (4-6) representative for electric car
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3.2 Car-sharing service
In general, the car-sharing service requires users to download an app and make a customer profile. It requires
the user's full name, birth date, driver's license photo, telephone number, debit card, e-mail address, driving
history, and car number. According to companies like Hyre, processing personal information is partly for business
development and partly required by the mobility provider's insurance partner and Norwegian law. They assure
that all personal information is treated and stored under the General Data Protection Regulation (abbreviation:
GDPR; Norwegian: personopplysningsvern). Besides, they also developed internal routines for handling personal

information.

3. 2. 1. Handling of information

To which extent do you agree with the following description?

8. Hyre is trustworthy in handling its consumers' information.

9. | trust that Hyre takes measures to protect the information provided by users.

10. | trust that Hyre devotes time and effort to prevent unauthorized access to personal information.

11. How far is your previous choice (8-10) representative for car-sharing companies in general (in
Norway)?
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3.3. Public transport

Kolumbus offers public transport services in the region of Stavanger. To use this service you need to have
a bus card or install mobile apps, which require some personal information (e.g., name, email, and billing
information). All personal information is supposed to be safely treated and stored under the General

Data Protection Regulation (GDPR). In addition, internal routines for handling personal information exist.

3. 3. 1. Handling of information by Kolumbus

To which extent do you agree with the following description?

12. Kolumbus is trustworthy in handling its customers' information.

13. | trust that Kolumbus takes measures to protect the information provided by users.

14. | trust that Kolumbus devotes time and effort to prevent unauthorized access to personal
information.

15. How far is your previous choice (12-14) representative for car-sharing companies in general (in
Norway)?

Part 4. Your view on privacy in the context of smart mobility services
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Now that you have gained an understanding of smart mobility, this part relates to your view of privacy in the
context of smart mobility.

Part 4. 1. Privacy Concern

4. 1. 1. Privacy in the context of smart mobility

Here are some statements about privacy in smart mobility services. Please indicate the extent to which you, as
an individual, agree with these statements from scale 1 (strongly disagree) to 7 ( strongly agree).

16. There may be privacy risks involved in using smart mobility services.
17. Accessing “ smart mobility service” exposes you to privacy risks.

18. Smart mobility involves a loss of privacy.

4. 1. 2. Use of Information

Please indicate the extent to which you agree with these statements from scale 1 (strongly disagree) to 7

( strongly agree).
19. There may be privacy risks involved in using smart mobility services.
20. Accessing “ smart mobility service” exposes you to privacy risks.

21. Smart mobility involves a loss of privacy.
4.1.3. Sharing of Information

Please indicate the extent to which you agree with these statements from scale 1 (strongly disagree)

to 7 ( strongly agree).

22. The service provider should not share personal information with other companies unless it has

been authorized by the individual who provided the information.

23. The service provider must not share personal information in the database with any other

company.
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4.2. Location information in the context of smart mobility

Technology
opens up
opportunities
fo improve the ||

traffic flow in
urban areas.
This illustration
shows how
one's mobility
information
can be
tracked.

When you use mobility services, the service provider also obtains location information from you. For
example, a shared car company can track where you were at 3 p.m. yesterday. How do you think

about this?
24. In general, it is risky to provide location information to a smart mobility provider.

25. There is much uncertainty associated with giving location information to a service provider, as a
user has no control over what the information is used for (e.g. business development, service

mapping).
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26. There is a potential loss involved with providing location information (i.e., the likelihood of data

leakage is high because of multiple-use).
27. Last but not least, do you have any comments on the survey?
Thank you for participating in the survey. Your answers are now saved.

Note: All questions are measured by a 7-likert scale presented in Figure A. The exceptions are

guestions 7, 11, 15, which are measured by likert scale present in Figure B.

® 1. Strongly disagree

® 2. Disagree

@ 3. Somewhat disagree

@ 4. Neutral

5. Somewhat agree

@ 6. Agree 6. likely
© 7. Strongly agree © 7. very likely

Figure A . Figure B.

1. very unlikely

2. unlikely

. somewhat unlikely
4. neutral

5. somewhat likely

©OOO0O®
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